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ABSTRACT 

	Aims: This study examined the types of farm inputs used by arable crop farmers, assessed their level of access to key farm inputs, and analysed the determinants of input access.
Study Design: A cross-sectional survey design was adopted.
Place and Duration of Study: The study was conducted among arable crop farmers in Rivers, Delta, and Edo States, Nigeria, from February to April 2026.
Methodology: A multi-stage sampling procedure was used to select 600 arable crop farmers. Primary data were collected using a structured questionnaire and analysed using descriptive statistics and logistic regression analysis.
Results: Most respondents were female (64%) and married (66%), with a mean age of 43 years, an average household size of six persons, and mean farming experience of 15 years. About 61% had at least secondary education, while 59% belonged to cooperative societies and 52% had access to extension services. The major inputs used were hired labour (87%), fertiliser (82%), family labour (78%), herbicides (76%), and improved seeds (73%). Access was high for improved seeds (mean = 2.93) and fertiliser (mean = 3.02), but low for mechanised services (mean = 2.19), credit (mean = 2.32), and irrigation facilities (mean = 2.07). The logistic regression model was statistically significant (LR Chi-square = 148.61, p < 0.01; pseudo R² = 0.410). Education (coefficient = 0.421), farm size (coefficient = 0.563), and cooperative membership (coefficient = 0.719) positively influenced access to farm inputs, whereas distance to market had a negative effect (coefficient = -0.487).
Conclusion: Arable crop farmers in Rivers, Delta, and Edo States had relatively better access to improved seeds and fertiliser than to mechanisation, agricultural credit, and irrigation facilities. Strengthening farmer cooperatives, improving rural road and market infrastructure, expanding farmer education, and increasing access to credit, mechanisation, and irrigation services are essential for improving farm input access and agricultural productivity.
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1. INTRODUCTION 

Agriculture remains a mainstay of Nigeria’s economy and one of the largest sources of livelihood for much of the population, particularly in rural areas where poverty and food insecurity are most pronounced (Osabohien et al., 2020; Adeleke et al., 2021). The sector contributes significantly to national Gross Domestic Product (GDP), absorbs more than one-third of the labour force, and provides essential food and raw materials for agro-based industries. Within this broad sector, arable crop farming plays a particularly critical role in sustaining domestic food supply, generating rural employment, and promoting grassroots economic development (Iheke et al., 2024). Major staple crops such as cassava, maize, yam, rice, and vegetables are widely cultivated across the country, with the South-South region constituting an important agricultural production belt.
The South-South geopolitical zone, comprising Akwa Ibom, Bayelsa, Cross River, Delta, Edo, and Rivers States, is endowed with rich agro-ecological resources that strongly support agricultural production. The region benefits from fertile soils, abundant and relatively well-distributed rainfall, a humid tropical climate, and extensive river systems, including the Niger, Cross, and Qua Iboe rivers (Okoronkwo et al., 2024). These endowments create favourable conditions for year-round cultivation and support diverse farming systems across mangrove swamps, freshwater floodplains, and rainforest ecosystems, thereby providing a comparative advantage for both staple and high-value crop production (National Bureau of Statistics, 2021).
Despite these favourable natural conditions, empirical evidence consistently shows that agricultural productivity among arable crop farmers in the region remains persistently low and below its expected potential. Crop yields are substantially lower than achievable technical benchmarks, reflecting a wide gap between production potential and actual farm output (Akpan et al., 2023; Iheke et al., 2024). This persistent productivity deficit is reflected in continued dependence on food imports, high levels of post-harvest losses, and widespread food insecurity among rural farming households, many of whom increasingly operate as net food buyers rather than sellers (Adesiyan & Kehinde, 2024).
This paradox of low productivity in a resource-endowed environment has been largely linked to inadequate access to essential agricultural inputs. Empirical literature has consistently identified inputs such as fertilisers, improved seeds, agrochemicals, extension services, credit, labour, and mechanisation as fundamental drivers of agricultural productivity and farm efficiency (Ajah & Nmadu, 2012; Kolapo et al., 2022; Alhassan et al., 2024). These inputs operate in a complementary manner: improved seeds provide yield potential, fertilisers restore soil fertility, agrochemicals protect crops from pests and diseases, and credit facilitates the acquisition of these inputs. Extension services enhance farmers’ technical capacity, while mechanisation improves the efficiency and timeliness of farm operations (Kehinde & Ogundeji, 2022; Olubunmi-Ajayi et al., 2024).
Recent Nigerian evidence also indicates that cooperative participation and agricultural credit can ease liquidity and collective-action constraints, thereby improving farmers’ capacity to obtain productivity-enhancing inputs (Owoeye et al., 2024; Kehinde et al., 2026).
However, access to these critical inputs remains severely constrained among smallholder farmers, particularly in the South-South region. The constraints are multidimensional, encompassing economic barriers such as high input costs and poverty, institutional limitations including weak extension systems and underdeveloped credit markets, infrastructural deficits such as poor road networks and limited market access, and socio-cultural factors including gender disparities and low educational attainment (Daudu et al., 2022; Ogunleye et al., 2024). Consequently, many farmers remain trapped in a reinforcing cycle of low input use, low productivity, reduced income, and limited capacity to invest in improved technologies, thereby perpetuating structural inefficiencies in the agricultural system (Iheke et al., 2024; Moahid & Maharjan, 2020).
Recent studies further show that education, extension support, improved varieties, water access, and mobile advisory tools are associated with productivity outcomes among Nigerian smallholders, suggesting that input access should be examined alongside human-capital and institutional support systems (Abioye et al., 2025; Ayanwale et al., 2026).
Although several studies have examined agricultural input use, agricultural credit, productivity, land access, and technology adoption among smallholder farmers in Nigeria, evidence remains limited on the combined assessment of input types, access levels, and determinants of overall farm-input access among arable crop farmers in the selected South-South states. Recent Nigerian studies have continued to demonstrate the importance of land access, agricultural finance, labour, mechanisation, and farm-level resources in shaping agricultural productivity and technology use (Daudu et al., 2022; Akpan et al., 2023; Alhassan et al., 2024; Ogunleye et al., 2024). However, Rivers, Delta, and Edo States present a distinct agricultural context because of their humid ecology, flooding risks, oil-related environmental pressures, varying market infrastructure, and dependence on smallholder farming systems. Therefore, a context-specific assessment of farm-input access in these selected states is necessary. This study addresses that need by identifying the farm inputs used by arable crop farmers, assessing their access levels, and examining the socioeconomic, institutional, and geographical factors associated with overall farm-input access.
Regional evidence from Cross River State also links market access, cooperative membership, extension services, digital technology adoption, and agricultural enterprise income, reinforcing the relevance of market and institutional dimensions within the broader South-South context (Akporawo et al., 2026).
Accordingly, the present study responds to this gap by integrating input-use profiling, access assessment, and determinant analysis within a single empirical framework for the selected states.
The specific objectives of this study are to:
i. Identify the types of farm inputs used by arable crop farmers in the study area.
ii. Assess the level of access to key farm inputs among arable crop farmers in the study area.
iii. Examine the effects of socioeconomic, institutional, and geographical factors on farmers’ access to farm inputs.
1.1 Hypotheses of the Study
The following null hypothesis guided this study:
HO₁: Socioeconomic, institutional, and geographical factors do not significantly influence arable crop farmers’ overall access to farm inputs in the selected South-South states of Nigeria.

2. MATERIALS AND METHODS

2.1 Area of the Study
The study was conducted in three purposively selected states within the South-South geopolitical zone of Nigeria, namely Rivers, Delta, and Edo States. These states were selected because of the concentration of arable crop farmers, the presence of agro-dealers, and security considerations. Accordingly, the findings of this study should be interpreted as applying to the sampled farmers in Rivers, Delta, and Edo States rather than to all six states in the South-South geopolitical zone.
The South-South zone comprises Akwa Ibom, Bayelsa, Cross River, Delta, Edo, and Rivers States. It lies approximately between latitudes 4°15′00″N and 6°01′00″N and longitudes 5°05′00″E and 7°35′00″E, with ecological conditions ranging from mangrove swamps and freshwater floodplains to tropical rainforest systems. The selected states support the production of cassava, maize, yam, rice, vegetables, and other arable crops because of their favourable rainfall pattern, fertile soils, and extensive river systems (Okoronkwo et al., 2024).
2.2 Population of the Study
The population of the study comprised male and female arable crop farmers in selected agricultural communities in Rivers, Delta, and Edo States, Nigeria. The study covered farmers cultivating crops such as cassava, maize, yam, rice, vegetables, and related food crops as either a primary or secondary occupation. Both cooperative members and non-members were included because cooperative participation may influence farmers’ access to agricultural information, credit facilities, input markets, and collective purchasing opportunities.
2.3 Sampling Procedure and Sample Size
A multi-stage sampling procedure was employed for this study. In the first stage, three states, namely Rivers, Delta, and Edo States, were purposively selected based on the concentration of arable crop farmers, the preponderance of agro-dealers, and security considerations. The three selected states accounted for 50 percent of the six states in the South-South zone.
The second stage involved the selection of twenty percent of the Local Government Areas (LGAs) from each state using a simple random sampling technique. This resulted in the selection of six LGAs from Rivers State, five LGAs from Delta State, and four LGAs from Edo State. In the third stage, two communities were randomly selected from each of the fifteen LGAs. Finally, twenty arable crop farmers were randomly drawn from each of the thirty communities, giving a total sample size of 600 respondents (240 from Rivers, 200 from Delta, and 160 from Edo).
2.4 Method of Data Collection
Primary data were collected using a well-designed, structured questionnaire administered through face-to-face interviews to enhance accuracy and completeness, especially among less literate respondents. The questionnaire was divided into sections covering socioeconomic characteristics, types and access levels of farm inputs, and factors influencing input access. The survey was conducted from February to April 2026, covering the main farming season. This timing enabled respondents to provide information on their recent use of farm inputs, access conditions, input constraints, and farming activities. Trained field assistants who were fluent in relevant local languages, including Ikwerre, Izon, Urhobo, Esan, and Bini, administered the questionnaire through face-to-face interviews.
2.5 Instrument Design, Validation, and Reliability
The research instrument (questionnaire) was constructed based on a comprehensive review of the literature and aligned with variables identified in the analytical framework. The instrument underwent both content and face validation by a panel of experts, including supervisors and lecturers in agricultural economics from Delta State University, Abraka. To test reliability, the test-retest method was used by administering the questionnaire to 20 farmers in a non-sampled community and re-administering it after two weeks. The results were correlated using the Pearson Product Moment Correlation Coefficient (r), which yielded a reliability coefficient of 0.79, considered acceptable for social science research.
2.6 Ethical Considerations
The study involved a non-invasive questionnaire survey of adult farmers and complied with the ethical principles of voluntary participation, informed consent, confidentiality, and anonymity. Before each interview, the purpose of the study was explained to respondents and their informed consent was obtained. Respondents were informed that participation was voluntary and that they could decline to answer any question or withdraw from the study at any stage without any consequence. No personally identifying information was included in the dataset, and all information obtained was used strictly for academic purposes.
2.7 Method of Data Analysis
Data collected for the study were analysed using descriptive and inferential statistical techniques. Frequencies, percentages, means, and standard deviations were used to achieve Objectives (i) and (ii). These statistics were used to describe the socioeconomic characteristics of respondents, identify the types of farm inputs used, and assess the level of access to each input category.
To achieve Objective (iii) and test the null hypothesis, binary logistic regression analysis was employed. The dependent variable was farmers’ overall access to key farm inputs. Each respondent rated access to 11 farm-input categories on a four-point scale, where 1 = not accessible, 2 = fairly accessible, 3 = accessible, and 4 = very accessible. An overall access score was computed for each respondent by obtaining the arithmetic mean of the ratings for the 11 farm-input categories.
The dependent variable was coded as follows:

Thus, respondents with a composite mean score of 2.50 or above were classified as having access to key farm inputs, while those with a composite mean score below 2.50 were classified as having no access. Binary logistic regression was considered appropriate because the dependent variable was dichotomous. The analysis was conducted using the Statistical Package for the Social Sciences, version 27.
2.8 Model Specification
Binary logistic regression was used to examine the effects of socioeconomic, institutional, and geographical factors on the likelihood that an arable crop farmer would have overall access to key farm inputs.
The model was specified as:

Where:

The regression coefficients indicate the direction and magnitude of the relationship between each explanatory variable and the log-odds of accessing key farm inputs. Positive coefficients indicate an increase in the likelihood of access, while negative coefficients indicate a reduction in the likelihood of access. The overall significance of the model was assessed using the likelihood-ratio Chi-square statistic, while the Nagelkerke pseudo R² was used to assess the explanatory power of the model.


3. RESULTS AND DISCUSSION

3.1 Socioeconomic Characteristics of Arable Crop Farmers 
The socioeconomic characteristics of the 600 arable crop farmers surveyed across Rivers, Delta, and Edo States are presented in Table 1. The gender distribution shows that female farmers constituted the majority (64%) of arable crop farmers in the study area, while males accounted for 36%. Female participation was particularly pronounced in Rivers (68.3%) and Edo (63.8%) States, although Delta State recorded relatively higher male participation (41.0%). This indicates that arable crop production in South-South Nigeria is largely female-driven, reflecting the traditional role of women in food crop farming and household food security. This pattern is consistent with Ogisi et al. (2014), who similarly reported female dominance in food crop production systems in southern Nigeria and emphasised the need for gender-sensitive agricultural interventions. The age distribution shows that most farmers were within the economically active group, with a pooled mean age of 43 years and about 68% falling between 31 and 50 years. This suggests the dominance of middle-aged farmers with productive capacity, consistent with Iheke et al. (2024) and Adeleke et al. (2021), although the relatively low proportion of farmers below 30 years (12%) signals declining youth participation in agriculture. In terms of marital status, 66% of respondents were married while 23% were single, indicating that farming is largely undertaken by household heads with family responsibilities. This pattern aligns with Emaziye et al. (2023), who noted that marital status strengthens commitment to farming due to household welfare obligations. Educational attainment reveals that about 61% had at least secondary education, while 14% had no formal education. Edo State showed higher tertiary attainment (30.0%), whereas Rivers State recorded higher illiteracy levels (19.2%), suggesting moderate literacy that supports productivity and technology adoption, in line with Okeke and Emaziye (2017) and Kolapo et al. (2022). Household size averaged six persons and was slightly higher in Rivers State (mean of 7), indicating the availability of family labour for farm operations, consistent with Iheke et al. (2024) and Olufemi and Kayode (2020). Farming experience averaged 15 years, with 63% having over a decade of experience, reflecting substantial indigenous knowledge and efficiency potential, as similarly reported by Iheke et al. (2022) and Ogunniyi et al. (2020). Cooperative membership stood at 59% and was higher in Rivers State (65.8%), suggesting moderate engagement in farmer organisations that enhance access to inputs and credit, consistent with Agboola et al. (2016) and Kehinde and Ogundeji (2022). Finally, access to extension services was limited at 52%, with nearly half of respondents lacking contact with extension agents, indicating weak advisory coverage and constraints to innovation adoption, as observed by Kolapo et al. (2022) and Iheke (2021).
Table 1. Socioeconomic Characteristics of Respondents (n=600)
	Variable
	Rivers (n=240)
	Delta (n=200)
	Edo (n=160)
	Combined (n=600)

	Gender
	
	
	
	

	Male
	76 (31.7)
	82 (41.0)
	58 (36.2)
	216 (36.0)

	Female
	164 (68.3)
	118 (59.0)
	102 (63.8)
	384 (64.0)

	Age (years)
	
	
	
	

	< 30
	26 (10.8)
	30 (15.0)
	16 (10.0)
	72 (12.0)

	31–40
	68 (28.3)
	72 (36.0)
	46 (28.8)
	186 (31.0)

	41–50
	96 (40.0)
	64 (32.0)
	62 (38.8)
	222 (37.0)

	> 50
	50 (20.9)
	34 (17.0)
	36 (22.4)
	120 (20.0)

	Mean Age (years)
	44
	41
	44
	43

	Marital Status
	
	
	
	

	Single
	46 (19.2)
	58 (29.0)
	34 (21.2)
	138 (23.0)

	Married
	170 (70.8)
	118 (59.0)
	108 (67.6)
	396 (66.0)

	Widowed
	14 (5.8)
	16 (8.0)
	12 (7.5)
	42 (7.0)

	Divorced
	10 (4.2)
	8 (4.0)
	6 (3.7)
	24 (4.0)

	Educational Level
	
	
	
	

	No formal education
	46 (19.2)
	26 (13.0)
	12 (7.5)
	84 (14.0)

	Primary
	62 (25.8)
	54 (27.0)
	34 (21.3)
	150 (25.0)

	Secondary
	88 (36.7)
	74 (37.0)
	66 (41.2)
	228 (38.0)

	Tertiary
	44 (18.3)
	46 (23.0)
	48 (30.0)
	138 (23.0)

	Household Size (persons)
	
	
	
	

	1–3
	28 (11.7)
	42 (21.0)
	26 (16.3)
	96 (16.0)

	4–6
	96 (40.0)
	104 (52.0)
	76 (47.5)
	276 (46.0)

	7–9
	78 (32.5)
	38 (19.0)
	46 (28.7)
	162 (27.0)

	> 9
	38 (15.8)
	16 (8.0)
	12 (7.5)
	66 (11.0)

	Mean Household Size
	7
	6
	6
	6

	Farming Experience (years)
	
	
	
	

	< 5
	22 (9.2)
	30 (15.0)
	20 (12.5)
	72 (12.0)

	6–10
	48 (20.0)
	62 (31.0)
	40 (25.0)
	150 (25.0)

	11–20
	102 (42.5)
	72 (36.0)
	72 (45.0)
	246 (41.0)

	> 20
	68 (28.3)
	36 (18.0)
	28 (17.5)
	132 (22.0)

	Mean Experience (years)
	17
	13
	15
	15

	Cooperative Membership
	
	
	
	

	Yes
	158 (65.8)
	108 (54.0)
	88 (55.0)
	354 (59.0)

	No
	82 (34.2)
	92 (46.0)
	72 (45.0)
	246 (41.0)

	Access to Extension Services
	
	
	
	

	Yes
	142 (59.2)
	96 (48.0)
	74 (46.2)
	312 (52.0)

	No
	98 (40.8)
	104 (52.0)
	86 (53.8)
	288 (48.0)


Source: Field Survey, 2026. Figures in parentheses are percentages.
3.2 Types of Farm Inputs Used 
Table 2 presents the types of farm inputs used by arable crop farmers in Delta, Edo, and Rivers States, as well as in the pooled sample. The results show that the most commonly used inputs across the study area were hired labour (87%), fertiliser (82%), family labour (78%), herbicides (76%), and improved seeds (73%). This indicates that arable crop production in South-South Nigeria is largely labour-intensive and increasingly supported by yield-enhancing biological and chemical inputs. The relatively high use of fertiliser and improved seeds suggests growing awareness among farmers of modern production practices and the importance of soil fertility management in improving crop yields. The results further show that although modern inputs are widely used, a substantial proportion of farmers (60.7%) still relied on local or organic seeds, while 52% used manure or compost. This implies that many farmers continue to combine modern and traditional input systems, possibly because of cost considerations, limited availability of improved inputs, or inadequate access to extension services. Similar patterns were reported by Jilito and Wedajo (2020), who found that smallholder farmers often adopt improved inputs inconsistently because of socioeconomic and institutional constraints. Hemming et al. (2018) also observed that, although seed and fertiliser subsidies increased input use, farmers still depended on traditional practices when access to modern inputs was limited or irregular. The relatively low use of mechanised services (33%), credit facilities (46%), and irrigation facilities (24%) highlights major structural and institutional constraints in the agricultural input system. This suggests that most farmers still depend heavily on manual operations and rain-fed agriculture, which may expose them to climatic risks and limit productivity growth. This result is consistent with Olufemi and Kayode (2020), who reported that agricultural households in Nigeria rely predominantly on human labour due to high costs and limited access to machinery. Furthermore, Osabohien et al. (2020) and Moahid and Maharjan (2020) demonstrated that limited access to formal credit constrains farm investment and the adoption of capital-intensive technologies such as mechanisation and irrigation.
Table 2. Types of Farm Inputs Used by Farmers (n=600)
	Farm Input
	Rivers (n=240)
	Delta (n=200)
	Edo (n=160)
	Combined (n=600)

	Improved seeds
	190 (79.2)
	134 (67.0)
	114 (71.3)
	438 (73.0)

	Local/organic seeds
	142 (59.2)
	118 (59.0)
	104 (65.0)
	364 (60.7)

	Fertilizer
	206 (85.8)
	154 (77.0)
	132 (82.5)
	492 (82.0)

	Manure/compost
	116 (48.3)
	102 (51.0)
	94 (58.8)
	312 (52.0)

	Herbicides
	192 (80.0)
	146 (73.0)
	118 (73.8)
	456 (76.0)

	Pesticides
	168 (70.0)
	128 (64.0)
	94 (58.8)
	390 (65.0)

	Hired labour
	220 (91.7)
	170 (85.0)
	132 (82.5)
	522 (87.0)

	Family labour
	184 (76.7)
	164 (82.0)
	120 (75.0)
	468 (78.0)

	Mechanized services
	102 (42.5)
	58 (29.0)
	38 (23.8)
	198 (33.0)

	Credit/loan
	126 (52.5)
	84 (42.0)
	66 (41.3)
	276 (46.0)

	Irrigation facilities
	74 (30.8)
	40 (20.0)
	30 (18.8)
	144 (24.0)


Source: Field Survey, 2026. Figures in parentheses are percentages.
3.3 Level of Access to Key Farm Inputs 
Table 3 presents the level of access to key farm inputs among arable crop farmers. The results show that most basic production inputs were generally accessible, with mean scores above the decision threshold. In particular, improved seeds (2.93), fertiliser (3.02), herbicides (2.89), pesticides (2.76), hired labour (3.17), and family labour (3.22) recorded relatively high access levels across the study area. This suggests that farmers are able to obtain essential biological and chemical inputs, as well as labour, when needed, which is critical for sustaining crop production. The relatively high access to fertiliser and improved seeds reflects increasing awareness of modern farming practices and the importance of productivity-enhancing inputs. This finding is consistent with Balogun et al. (2023), who reported that access to fertiliser and improved planting materials significantly reduced inefficiency and improved productivity among arable crop farmers. The results further indicate that access to local or organic seeds (2.92) and manure/compost (2.72) was also generally high, suggesting that farmers still rely on traditional input sources alongside modern inputs. This pattern implies a mixed production system in which farmers combine improved technologies with indigenous practices, possibly as a coping strategy against rising input costs and supply uncertainties. Similar observations were reported by Jilito and Wedajo (2020), who found that smallholder farmers often maintain access to traditional inputs even when modern inputs are available, because of affordability and ease of access.
However, access to mechanised services (2.19), credit facilities (2.32), and irrigation facilities (2.07) was generally low and categorised as not accessible. This indicates that farmers face significant constraints in accessing capital-intensive and infrastructure-dependent inputs, which are essential for large-scale and climate-resilient farming. Low access to credit, in particular, limits farmers’ ability to invest in mechanisation and irrigation technologies. This finding aligns with Osabohien et al. (2020), who demonstrated that limited access to financial services significantly constrained farmers’ investment capacity and productivity. Similarly, Moahid and Maharjan (2020) reported that inadequate access to formal credit and irrigation facilities restricted farmers’ ability to adopt improved technologies and expand production. The access pattern observed in Table 3 suggests that, while farmers can obtain basic operational inputs, weak access to finance, mechanisation, and irrigation remains a major bottleneck to sustainable productivity growth in the study area.
Table 3. Level of Access to Key Farm Inputs (n=600)
	Farm Input
	Rivers (n=240)
	Delta (n=200)
	Edo (n=160)
	Combined (n=600)
	Remark

	Improved seeds
	3.12 (0.81)
	2.74 (0.93)
	2.89 (0.88)
	2.93 (0.88)
	Accessible

	Local/organic seeds
	2.86 (0.79)
	2.91 (0.83)
	3.02 (0.76)
	2.92 (0.80)
	Accessible

	Fertilizer
	3.18 (0.74)
	2.88 (0.89)
	3.01 (0.82)
	3.02 (0.83)
	Accessible

	Manure/compost
	2.64 (0.85)
	2.71 (0.81)
	2.83 (0.78)
	2.72 (0.82)
	Accessible

	Herbicides
	3.05 (0.80)
	2.76 (0.91)
	2.84 (0.87)
	2.89 (0.87)
	Accessible

	Pesticides
	2.92 (0.84)
	2.63 (0.92)
	2.71 (0.89)
	2.76 (0.89)
	Accessible

	Hired labour
	3.34 (0.66)
	3.12 (0.74)
	3.01 (0.79)
	3.17 (0.73)
	Accessible

	Family labour
	3.21 (0.71)
	3.26 (0.68)
	3.18 (0.72)
	3.22 (0.70)
	Accessible

	Mechanized services
	2.41 (0.97)
	2.12 (0.96)
	1.98 (0.94)
	2.19 (0.96)
	Not Accessible

	Credit/loan
	2.53 (0.92)
	2.21 (0.98)
	2.18 (0.95)
	2.32 (0.95)
	Not Accessible

	Irrigation facilities
	2.34 (0.99)
	1.98 (0.97)
	1.86 (0.95)
	2.07 (0.98)
	Not Accessible


Source: Field Survey, 2026. Figures in parentheses are standard deviations. Access was measured on a four-point scale: 1 = Not accessible, 2 = Fairly accessible, 3 = Accessible, and 4 = Very accessible. For the descriptive analysis, a mean score of 2.50 or above was classified as “Accessible,” while a mean score below 2.50 was classified as “Not Accessible.” For the logistic regression analysis, the same threshold was applied to each respondent’s composite mean score across the 11 farm-input categories, as explained in Section 2.7.
3.4 Determinants of Farmers' Access to Farm Inputs
Table 4 presents the logistic regression results examining the determinants of arable crop farmers’ access to farm inputs in South-South Nigeria. The overall model is statistically significant, as indicated by the LR Chi-square value of 148.612 (p < 0.01), confirming that the explanatory variables jointly influence farmers’ access to key inputs. The pseudo R² (Nagelkerke) of 0.410 suggests that the model explains a substantial proportion of variation in access, while the correct classification rate of 73.83% indicates good predictive accuracy. Across states, explanatory power was highest in Rivers State (0.458) and lowest in Delta State (0.302), suggesting stronger institutional and market structures in Rivers, consistent with Balogun et al. (2023).
Education had a positive and significant effect in the pooled model (coefficient = 0.421, p < 0.01), as well as in Rivers and Edo States, implying that more educated farmers are better able to access and utilise farm inputs through improved information use and engagement with extension and input markets, in line with Okpara et al. (2022) and Iheke et al. (2024). Age showed a weak but positive effect in the pooled model and Rivers State, suggesting a minor advantage from experience and networks, although this effect was not consistent across states, aligning with Samson and Obademi (2018). Gender was not significant in all models, indicating similar access probabilities for male and female farmers after controlling for other factors, although this contrasts with studies reporting gender disparities (Daudu et al., 2022; Iheke et al., 2024).
Farm size had a consistently positive and significant effect across all models (p < 0.01), showing that larger farmers are more likely to access inputs due to higher income capacity and economies of scale, consistent with Iheke et al. (2024) and Kolapo et al. (2022). Cooperative membership was also positively significant in the pooled model and most states, highlighting the role of social capital in improving access through bulk purchasing, credit linkage, and information sharing, as supported by Agboola et al. (2016) and Kehinde and Ogundeji (2022). Distance to market showed a significant negative effect in the pooled model and selected states, indicating that remoteness reduces access due to higher transport costs and weaker market linkages, consistent with Balogun et al. (2023) and Osabohien et al. (2020).
The results lead to the rejection of the null hypothesis, confirming that socioeconomic, institutional, and geographical factors significantly influence farmers’ access to farm inputs in South-South Nigeria, although the strength of these effects varies across states.
Table 4. Binary Logistic Regression Results for Determinants of Overall Farm-Input Access
	Variable
	Rivers (n=240)
	Delta (n=200)
	Edo (n=160)
	Combined (n=600)

	Education
	0.491 (3.628)***
	0.284 (1.913)
	0.522 (3.104)***
	0.421 (3.760)***

	Age
	0.057 (2.246)**
	0.018 (1.012)
	0.041 (1.884)
	0.038 (2.531)**

	Gender (Male=1)
	0.364 (1.842)
	0.119 (0.632)
	0.201 (1.031)
	0.294 (1.590)

	Farm size
	0.648 (3.781)***
	0.432 (2.301)**
	0.583 (3.012)***
	0.563 (3.860)***

	Cooperative membership
	0.812 (3.174)***
	0.511 (1.964)**
	0.423 (1.713)
	0.719 (3.460)***

	Distance to market
	-0.574 (-3.412)***
	-0.281 (-1.883)
	-0.447 (-2.276)**
	-0.487 (-3.660)***

	Constant
	-1.702 (-3.081)**
	-0.864 (-1.432)
	-1.203 (-2.014)**
	-1.472 (-3.011)***

	Model Diagnostics
	
	
	
	

	Log-likelihood
	-109.842
	-102.316
	-90.441
	-301.716

	LR Chi-square
	69.418***
	38.604***
	45.237***
	148.612***

	Pseudo R² (Nagelkerke)
	0.458
	0.302
	0.371
	0.410

	% correctly predicted
	76.250
	68.500
	71.875
	73.833


Source: Field Survey Computations, 2026. Figures in parentheses are z-values. ***p < 0.01; **p < 0.05. The dependent variable was overall farm-input access, coded as 1 = access and 0 = no access.

4. CONCLUSION
This study examined farm input use, access levels, and determinants of access among arable crop farmers in Rivers, Delta, and Edo States. The findings showed that arable crop production in the study area depends largely on labour and basic production inputs such as fertiliser, improved seeds, herbicides, pesticides, local or organic seeds, and manure or compost. Access to these inputs was relatively better than access to mechanised services, credit or loans, and irrigation facilities. This indicates that farmers continue to operate mainly within low-capital and labour-intensive production systems. The logistic regression results showed that education, farm size, and cooperative membership positively influenced access to farm inputs, while distance to market negatively influenced access. These findings suggest that both socioeconomic and institutional factors are important in shaping farmers’ ability to obtain agricultural inputs. Strengthening farmer cooperatives, improving rural market access, expanding farmer education, and increasing access to credit, mechanisation, and irrigation services would help reduce input-access constraints. Such interventions may improve the capacity of arable crop farmers to adopt productivity-enhancing inputs and strengthen agricultural performance in the study area.
Limitation of the Study
This study was limited to arable crop farmers in Rivers, Delta, and Edo States; therefore, the findings should be generalised to the wider South-South zone with caution. The cross-sectional design captured input-access conditions at one point in time and may not reflect seasonal variations. The use of self-reported data may also involve recall bias or differences in farmers’ interpretation of access levels.
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