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Determinants of Stock and Mutual Fund Preferences among Indonesian Capital Market Investors: Evidence from Binary and Ordered Logit Models
ABSTRACT
Background: Stocks and mutual funds offer different routes into capital markets. Direct stockholding generally entails greater exposure to price risk, whereas mutual funds provide diversification and delegated portfolio management.
Aims: This study examines how age, risk tolerance, financial literacy, financial access, digital financial services, and perceived regulation are associated with the preference for stocks rather than mutual funds and with the stated tendency to choose each instrument.
Study Design: Quantitative cross-sectional survey with binary and ordered logistic regression.
Place and Duration of Study: Indonesia, June–August 2024.
Methodology: The analytical sample comprised 200 respondents who reported holding financial assets in the Indonesian capital market. Respondents were recruited purposively. A binary logit model estimated stock rather than mutual-fund preference; two proportional-odds models estimated higher stock and mutual-fund tendency categories. Models were re-estimated from the supplied respondent-level dataset, and odds ratios, confidence intervals, fit statistics, multicollinearity diagnostics, and heteroskedasticity-consistent standard errors were examined.
Results: In the binary model, age (β = 1.762, p < .001), risk tolerance (β = 5.045, p < .001), and financial literacy (β = 0.753, p = 0.011) increased stock preference, whereas financial access was negatively associated (β = -1.817, p = 0.031). The model had McFadden R² = 0.554 and AUC = 0.940. In the ordered stock model, risk tolerance and digital financial services were positive, while financial access was negative. In the mutual-fund model, risk tolerance was negative; the other predictors were not significant at 5% under conventional standard errors.
Conclusion: Instrument preference is shaped primarily by risk capacity and investor characteristics, while access and digital services have product-specific associations. The findings concern preferences within a purposively selected investor sample and should not be interpreted as a national measure of capital market inclusion or as causal effects.
Keywords: investment instrument preference; stocks; mutual funds; financial literacy; risk tolerance; binary logit; ordered logit; Indonesia.
1. INTRODUCTION
Stocks and mutual funds are important channels through which households can participate in capital markets. Direct stock ownership offers potential capital gains and dividends but exposes investors to firm-specific and market risk. Mutual funds pool resources across investors and can lower entry barriers through diversification and professional portfolio management (Reilly & Brown, 2012; Khorana et al., 2005). These differences make the choice between stocks and mutual funds a useful setting for examining how knowledge, risk attitudes, access, and institutional confidence shape investment behavior.
Financial literacy improves the ability to understand diversification, inflation, compound returns, and financial risk. Households with stronger financial knowledge are more likely to recognize investment opportunities and participate in equity markets, although knowledge alone does not eliminate access constraints or behavioral barriers (Guiso & Jappelli, 2005; van Rooij et al., 2011; Lusardi & Mitchell, 2014). Financial advice, product design, and investor protection can therefore complement education by helping individuals translate knowledge into suitable portfolio choices (Calcagno & Monticone, 2015; La Porta et al., 2006).
Risk tolerance is particularly relevant when comparing direct stocks and mutual funds. Direct stockholding generally involves greater short-term volatility and concentration risk, whereas mutual funds may provide a more diversified entry point. Household-finance research shows that limited financial sophistication and low willingness to bear risk can reduce direct equity participation (Campbell, 2006; Bannier & Neubert, 2016). Digital platforms may reduce transaction and search costs, but digital access does not automatically produce effective investment participation when users lack confidence, product knowledge, or trust (Gomber et al., 2017; Choung et al., 2023).
The original manuscript treated instrument preference as a direct indicator of capital market inclusion. The revised study adopts a narrower interpretation. Its dependent variables capture the choice and stated tendency to choose stocks or mutual funds among people who reported holding financial assets. They do not measure the proportion of the Indonesian population participating in capital markets. Nevertheless, product-specific preference can provide indirect evidence about demand-side and institutional conditions relevant to broader participation.
The study has two objectives. First, it identifies factors associated with choosing stocks rather than mutual funds. Second, it examines whether those factors are associated with higher stated tendencies to choose stocks and mutual funds separately. The contribution lies in distinguishing direct equity preference from mutual-fund preference rather than treating all capital-market instruments as homogeneous. This distinction is relevant for investor education, suitability assessment, product distribution, and investor-protection policies.
2. LITERATURE REVIEW AND HYPOTHESIS DEVELOPMENT
2.1 Financial Literacy and Investment Choice
Financial literacy is a form of human capital that improves the ability to process information and make intertemporal financial decisions (Jappelli & Padula, 2013; Lusardi & Mitchell, 2014). Awareness of financial assets matters because households may not participate when they cannot recognize available products or evaluate risk-return characteristics (Guiso & Jappelli, 2005). Empirical evidence also links financial literacy to stock-market participation and active portfolio management (van Rooij et al., 2011; Bianchi, 2018). The effect may differ by product because direct equity selection requires different knowledge and monitoring than delegated mutual-fund management.
2.2 Risk Tolerance, Age, and Product Suitability
Risk tolerance reflects willingness and capacity to accept uncertain investment outcomes. Stocks generally display greater short-term price volatility than diversified mutual funds, making risk tolerance an important determinant of direct stock preference (Al-Tamimi & Bin Kalli, 2009; Bannier & Neubert, 2016). Age can also capture differences in investment horizon, experience, income stability, and familiarity with investment channels. Because age is coded as a generation category, its coefficient represents a one-category change rather than a one-year marginal effect.
2.3 Financial Access, Digital Services, and Regulation
Financial access refers to the practical ability to obtain and use investment services. Account-opening procedures, minimum investment requirements, distribution channels, and access to advice can influence whether investors choose direct stocks or pooled products. Mutual funds may be especially sensitive to distribution and institutional access because they are offered through banks, securities firms, and digital platforms (Khorana et al., 2005).
Digital finance can reduce search, transaction, and monitoring costs and expand services available to retail users (Gomber et al., 2017; Gomber et al., 2018). However, digital availability should not be equated with effective participation. Digital financial literacy, confidence, and the ability to evaluate online information remain important for financial well-being and product use (Choung et al., 2023). Regulation is also relevant because disclosure, investor protection, and enforcement can strengthen trust and reduce perceived risk (La Porta et al., 2006).
2.4 Research Hypotheses
H1: Age is significantly associated with the preference for stocks rather than mutual funds.
H2: Risk tolerance is positively associated with stock preference and the tendency to choose stocks.
H3: Financial literacy is significantly associated with investment-instrument preference and product-specific tendencies.
H4: Financial access is significantly associated with investment-instrument preference and product-specific tendencies.
H5: Digital financial services are significantly associated with investment-instrument preference and product-specific tendencies.
H6: Perceived regulatory support is significantly associated with investment-instrument preference and product-specific tendencies.
3. METHODOLOGY
3.1 Research Design, Sample, and Survey Period
This study used a quantitative cross-sectional survey. The survey was conducted in Indonesia from June to August 2024. Respondents were recruited purposively because the analysis required people who reported holding a financial-asset portfolio and who could evaluate stocks and mutual funds. The term “purposive random sampling” used in the earlier manuscript has therefore been corrected to “purposive sampling.” The analytical sample contained 200 respondents, with 100 indicating stock preference and 100 indicating mutual-fund preference.
Age was the only demographic characteristic retained in the supplied analytical file. The sample comprised 82 Generation Z respondents (41.0%), 51 Millennials (25.5%), 63 Generation X respondents (31.5%), and four Baby Boomers (2.0%). The research file did not retain a province-by-province sampling frame, distribution-channel log, or additional demographic variables; therefore, the sample is not claimed to be geographically or demographically representative of Indonesia.
For the binary model, the smaller outcome group contained 100 observations and the model included six predictors, equivalent to approximately 16.7 observations in the smaller outcome group per predictor. This exceeds the traditional ten-events-per-variable rule of thumb, while recognizing that event-per-variable thresholds should not be treated as an absolute guarantee of model validity (Vittinghoff & McCulloch, 2007).
3.2 Measurement
The binary dependent variable, Invest, was coded 1 for stock preference and 0 for mutual-fund preference. Stock and Mutual Funds measured stated tendency to choose each instrument on a five-point scale. Age was coded into four generation categories. Risk tolerance, financial literacy, financial access, digital financial services, and regulation were recorded on five-point rating scales, with higher values indicating more of the relevant attribute.
Each construct was represented by one observed rating in the supplied dataset. Consequently, internal-consistency measures such as Cronbach’s alpha and factor-based construct-validity tests are not estimable. The revised manuscript states this measurement design explicitly and treats the absence of multi-item validation as a limitation rather than reporting unobserved reliability statistics.
Table 1. Operational definitions and measurement of variables
	Variable
	Operational definition
	Coding/scale

	Invest
	Preference between stocks and mutual funds
	1 = stock; 0 = mutual fund

	Stock
	Stated tendency to choose stocks
	2–5 observed; higher = stronger tendency

	Mutual funds
	Stated tendency to choose mutual funds
	2–5 observed; higher = stronger tendency

	Age
	Generation category
	1 = Gen Z; 2 = Millennials; 3 = Gen X; 4 = Baby Boomers

	Risk tolerance
	Ability and willingness to bear investment risk
	Five-point rating

	Financial literacy
	Knowledge and capability relevant to financial decisions
	Five-point rating

	Financial access
	Ability to obtain and use financial services
	Five-point rating

	Digital financial services
	Frequency/intensity of using digital financial systems
	Five-point rating

	Regulation
	Perceived importance/support of financial regulation
	Five-point rating


Table 2. Sample profile and descriptive statistics (N = 200)
	Characteristic
	n
	%

	Stock preference
	100
	50.0

	Mutual-fund preference
	100
	50.0

	Generation Z (<25)
	82
	41.0

	Millennials (25–40)
	51
	25.5

	Generation X (41–56)
	63
	31.5

	Baby Boomers (>56)
	4
	2.0


3.3 Model Specification and Estimation
The binary logit model estimates the probability that respondent i prefers stocks rather than mutual funds:
log[P(Investᵢ = 1)/(1 − P(Investᵢ = 1))] = α₀ + α₁Ageᵢ + α₂RiskToleranceᵢ + α₃FinancialLiteracyᵢ + α₄FinancialAccessᵢ + α₅DigitalFinancialServicesᵢ + α₆Regulationᵢ.
The ordered logit models estimate the cumulative probability of reporting a higher tendency to choose stocks or mutual funds:
log[P(Yᵢ ≤ j)/P(Yᵢ > j)] = τⱼ − Xᵢβ,
where τⱼ denotes a cut point and Xᵢ contains the explanatory variables. The models were re-estimated by maximum likelihood from the 200-row respondent-level dataset supplied for revision. Coefficients, conventional standard errors, z-statistics, p-values, odds ratios, and 95% confidence intervals are reported. Heteroskedasticity-consistent HC1 standard errors were examined as a robustness check. Binary-model assessment included the likelihood-ratio test, McFadden R², Hosmer–Lemeshow test, area under the receiver-operating-characteristic curve, classification accuracy, and Brier score (Hosmer et al., 2013). Predictor VIF values were calculated with an intercept. Ordered-model assessment included likelihood-ratio tests, McFadden R², cut points, and a parallel-lines diagnostic based on stacked cumulative logits (Brant, 1990).
4. RESULTS
4.1 Descriptive Results
The average stock-tendency score was 3.50 (SD = 1.00), and the average mutual-fund tendency score was 3.67 (SD = 0.91). The mean scores for risk tolerance, financial literacy, financial access, digital financial services, and regulation were 4.21, 3.94, 4.16, 4.24, and 4.25, respectively. These distributions are concentrated toward the upper end of the five-point scales, which should be considered when interpreting large estimated odds ratios.
4.2 Binary Choice between Stocks and Mutual Funds
Table 3 reports the verified binary-logit estimates. Age category, risk tolerance, and financial literacy are positively associated with choosing stocks, whereas financial access is negatively associated. A one-category increase in age is associated with 5.82 times the odds of stock preference; this is an ordered generation-category effect and not a one-year age effect. Risk tolerance has a large positive association (OR = 155.17), while financial literacy is associated with approximately 2.12 times the odds of stock preference. Financial access is associated with lower odds of stock preference (OR = 0.16), suggesting a relative shift toward mutual funds when access improves. Digital financial services and regulation are not statistically significant in the binary model.
Table 3. Binary logit estimates for stock preference (stock = 1; mutual fund = 0)
	Variable
	β (SE)
	z
	p
	OR
	95% CI for OR

	Constant
	-23.989 (4.018)
	-5.970
	<.001
	—
	—

	Age category
	1.762 (0.311)
	5.673
	<.001
	5.82
	3.17–10.71

	Risk tolerance
	5.045 (0.782)
	6.454
	<.001
	155.17
	33.54–717.91

	Financial literacy
	0.753 (0.294)
	2.558
	0.011
	2.12
	1.19–3.78

	Financial access
	-1.817 (0.843)
	-2.157
	0.031
	0.16
	0.03–0.85

	Digital financial services
	0.287 (0.450)
	0.638
	0.524
	1.33
	0.55–3.22

	Regulation
	0.612 (0.818)
	0.748
	0.454
	1.84
	0.37–9.17


Note: N = 200. Log likelihood = -61.824; LR χ²(6) = 153.611, p < .001; McFadden R² = 0.554.
4.3 Ordered Logit Model for Stock Tendency
Risk tolerance is positively associated with a higher stock-tendency category (OR = 5.04, p < .001). Financial access is negatively associated (OR = 0.45, p = 0.010), whereas digital financial services are positively associated (OR = 1.74, p = 0.023). Financial literacy is positive but marginal under conventional standard errors (p = 0.062), and regulation is not significant.
Table 4. Ordered logit estimates for tendency to choose stocks
	Variable
	β (SE)
	z
	p
	OR
	95% CI for OR

	Risk tolerance
	1.617 (0.280)
	5.771
	<.001
	5.04
	2.91–8.72

	Financial literacy
	0.284 (0.152)
	1.868
	0.062
	1.33
	0.99–1.79

	Financial access
	-0.792 (0.308)
	-2.572
	0.010
	0.45
	0.25–0.83

	Digital financial services
	0.556 (0.245)
	2.267
	0.023
	1.74
	1.08–2.82

	Regulation
	0.486 (0.359)
	1.354
	0.176
	1.63
	0.80–3.28


Note: N = 200. Log likelihood = -235.108; LR χ²(5) = 70.593, p < .001; McFadden R² = 0.131. Cut points: 2/3 = 7.148, 3/4 = 9.036, and 4/5 = 10.962.
4.4 Ordered Logit Model for Mutual-Fund Tendency
Risk tolerance is negatively associated with a higher mutual-fund tendency (OR = 0.32, p < .001), consistent with risk-tolerant respondents preferring direct stocks. Financial literacy is negative but marginal under conventional standard errors (p = 0.077). Financial access, digital financial services, and regulation are not statistically significant in the verified model.
Table 5. Ordered logit estimates for tendency to choose mutual funds
	Variable
	β (SE)
	z
	p
	OR
	95% CI for OR

	Risk tolerance
	-1.133 (0.250)
	-4.538
	<.001
	0.32
	0.20–0.53

	Financial literacy
	-0.261 (0.148)
	-1.768
	0.077
	0.77
	0.58–1.03

	Financial access
	0.302 (0.314)
	0.964
	0.335
	1.35
	0.73–2.50

	Digital financial services
	-0.367 (0.246)
	-1.494
	0.135
	0.69
	0.43–1.12

	Regulation
	0.037 (0.357)
	0.103
	0.918
	1.04
	0.52–2.09


Note: N = 200. Log likelihood = -236.210; LR χ²(5) = 37.609, p < .001; McFadden R² = 0.074. Cut points: 2/3 = -8.598, 3/4 = -6.139, and 4/5 = -4.501.
4.5 Model Diagnostics and Robustness
The binary model showed strong overall discrimination: the likelihood-ratio test was significant (p < .001), McFadden R² was 0.554, AUC was 0.940, and classification accuracy at a 0.50 cutoff was 85.5% (84 true negatives and 87 true positives). The Brier score was 0.099. The Hosmer–Lemeshow statistic was 5.844 (p = 0.665), providing no evidence of lack of fit under the chosen decile grouping. Predictor VIF values ranged from 1.02 to 2.17, indicating no serious multicollinearity.
HC1 robust standard errors retained the significance of age, risk tolerance, financial literacy, and financial access in the binary model. In the stock ordered model, robust inference retained risk tolerance, financial access, and digital financial services and also placed financial literacy just below the 5% threshold (p = 0.040). In the mutual-fund model, risk tolerance remained significant, while financial literacy became significant under HC1 errors (p = 0.028); this sensitivity warrants cautious interpretation of the literacy effect.
The parallel-lines diagnostic did not reject proportional odds for the mutual-fund model (χ²(10) = 12.20, p = 0.272) but indicated a possible violation for the stock model (χ²(10) = 22.09, p = 0.015). Accordingly, the stock ordered-logit coefficients should be interpreted as average proportional-odds associations. A multinomial or generalized ordered-logit model would be a useful sensitivity extension in future research.
Table 6. Model-fit and diagnostic summary
	Model
	Log likelihood
	McFadden R²
	LR test
	Additional diagnostics

	Binary stock preference
	-61.824
	0.554
	χ²(6) = 153.61, p < .001
	AUC = 0.940; H–L p = 0.665

	Ordered stock tendency
	-235.108
	0.131
	χ²(5) = 70.59, p < .001
	Parallel-lines p = 0.015

	Ordered mutual-fund tendency
	-236.210
	0.074
	χ²(5) = 37.61, p < .001
	Parallel-lines p = 0.272


5. DISCUSSION
The verified results confirm that risk tolerance is the most consistent product-choice determinant. It strongly increases the likelihood of stock preference and higher stock-tendency categories, while reducing the tendency to choose mutual funds. This pattern is consistent with the greater short-term volatility and concentration risk of direct equity ownership and with household-finance evidence that willingness to bear risk is central to portfolio allocation (Campbell, 2006; Bannier & Neubert, 2016).
Financial literacy is positively associated with the binary choice of stocks, although its ordered-model significance is sensitive to the covariance estimator. More financially literate investors may be better equipped to evaluate individual securities and may therefore prefer direct control over selection. The result supports education programs that develop practical competence in diversification, risk assessment, fees, and long-term portfolio planning rather than limiting education to product awareness (van Rooij et al., 2011; Lusardi & Mitchell, 2014).
Financial access has product-specific implications. It is negatively associated with stock preference and higher stock tendency in the verified models, implying that improved access may relatively favor mutual funds or other intermediated products. However, financial access is not significant in the ordered mutual-fund model. The finding should therefore be read as a relative-choice association rather than proof that access directly increases mutual-fund use. Product distribution, account-opening convenience, and advice may influence the binary choice in ways not captured by a single access rating.
Digital financial services are significant only in the ordered stock model, not in the binary or mutual-fund models. The revised interpretation therefore avoids the earlier broad claim that digital services are a universal driver. Digital platforms may reduce transaction and monitoring costs (Gomber et al., 2017; Gomber et al., 2018), but their effect depends on the instrument, user competence, security perceptions, and the quality of information available online (Choung et al., 2023).
Regulation is not statistically significant after re-estimation. This does not imply that investor protection is unimportant; it means the single perceived-regulation rating does not independently explain product preference after the included characteristics are controlled. More detailed measures of trust, disclosure quality, complaint resolution, enforcement, and perceived fraud risk are required before drawing stronger conclusions about regulatory effects.
The findings have practical implications for investor suitability. Education should be differentiated by risk capacity and product complexity; digital stock platforms should combine convenience with clear risk information; and mutual-fund distribution should emphasize diversification, fees, and the role of professional management. These measures may support broader participation, but the present study does not directly estimate national capital-market inclusion.
6. CONCLUSION
This study examines stock and mutual-fund preferences among 200 Indonesian capital-market respondents. Verified binary-logit estimates show that age category, risk tolerance, and financial literacy are positively associated with stock preference, whereas financial access is negatively associated. In the ordered stock model, risk tolerance and digital financial services are positive and financial access is negative. In the ordered mutual-fund model, risk tolerance is negative, while the other predictors are not significant at the 5% level under conventional standard errors.
The central conclusion is that product preference is shaped most consistently by risk tolerance, with access, literacy, age, and digital services showing model- or product-specific associations. Financial institutions and regulators should therefore avoid a one-size-fits-all inclusion strategy and instead combine practical investor education, suitability safeguards, accessible distribution, and transparent risk disclosure. The results are associative, not causal, and concern preferences within a purposively selected sample rather than national inclusion rates.
7. LIMITATIONS AND FUTURE RESEARCH
The study has several limitations. Purposive sampling, a sample of 200, and the absence of province-level and broader demographic information restrict generalizability. The outcomes are self-reported preferences rather than verified holdings, transaction values, or longitudinal changes. Age is recorded only as a generation category. Each explanatory construct is measured by one rating, preventing internal-consistency and factor-validity assessment. The models omit income, wealth, education, occupation, investment experience, fees, behavioral biases, trust, and product availability. The stock ordered model also shows evidence that the proportional-odds assumption may be imperfect. Future research should use stratified or probability samples, multi-item validated instruments, verified transaction data, generalized ordered or multinomial models, and longitudinal designs.
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