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PART 1 (Importance of the manuscript)


	
	Comments of the Reviewers
	Author’s Feedback 


	Please write a few sentences regarding the importance of this manuscript for the scientific community. A minimum of 3-4 sentences may be required for this part.

	This manuscript addresses a timely and significant topic in industrial engineering and Industry 4.0: predictive maintenance (PdM) and Remaining Useful Life (RUL) prediction. As industrial systems become increasingly complex and data-rich, the need for robust prognostic methodologies has grown substantially. The paper provides a structured comparative analysis of three major modeling paradigms—physics-based, data-driven, and hybrid approaches—which is valuable for both researchers and practitioners seeking to understand the trade-offs between interpretability and predictive accuracy. The inclusion of transfer learning and scalability discussions adds contemporary relevance. However, the manuscript would benefit from deeper critical analysis rather than descriptive summarization, and from addressing several methodological and citation quality issues that affect its scientific rigor. Overall, the topic is important, but the execution requires substantial improvement to meet the standards of a high-quality review article.


	



PART 2.1 (Objective Evaluation)

	
	Rating of the Reviewers
	Author’s Feedback 

	1. Is the title clear and appropriate for the paper? 
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	4
Title is descriptive and covers the scope. Could be more specific about "industrial systems" domain.
	

	2. Is the abstract of the article comprehensive? 
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	3
Abstract covers main approaches but lacks quantitative insights, specific contributions, and clear gap identification. Too generic.
	

	3. Are the keywords appropriate and useful?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	4
Keywords are relevant and cover core concepts. Could add "Transfer Learning" and "Explainable AI" given content.
	

	4. Is the background information of the paper sufficient and well organized?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	3
Background covers evolution well but lacks quantitative market data, industry adoption statistics, and specific domain examples beyond turbofan engines.
	

	5. Are the objectives clearly stated?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	3
Objectives are implied rather than explicitly stated. No clear research questions or review protocol mentioned.
	

	6. Is the literature review relevant?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	3
Relevant papers are included but several peripheral references (Arthur 2025, Hutchful 2025, Olise 2025, Saravade 2024, Jaiswal 2025) are marginally related to PdM/RUL.
	

	7. Is the literature review recent?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	4
Good coverage of 2024-2025 papers (60% of references). However, missing key 2024-2025 works from top-tier venues (e.g., IEEE T-IM, Mechanical Systems and Signal Processing).
	

	8. Is the literature search methodology explained properly? 
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	2
NO systematic review methodology (PRISMA, search strings, databases, inclusion/exclusion criteria) is provided. This is a critical flaw for a review article.

METHODOLOGICAL WEAKNESS: The paper lacks any systematic review methodology. There is no PRISMA flowchart, no search strategy, no inclusion/exclusion criteria, and no quality assessment of included studies. For a review article in 2025-2026, this is unacceptable.
	

	9. Is the Critical analysis of literature done?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	3 
Analysis is mostly descriptive rather than critical. Limited quantitative comparison, no performance benchmarking tables, and weak synthesis of conflicting findings.
	

	10. Is Identification of research gaps/future directions done ?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable

	3
Gaps are mentioned but not systematically derived from the literature analysis. Future directions are generic and lack specificity.
	

	11. Are the conclusions logically arrived?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	3
Conclusions summarize content but do not offer novel insights or actionable recommendations for practitioners.
	

	12. Are the limitations of the paper discussed?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor N/A = Not Applicable
	2
The manuscript does NOT discuss its own limitations as a review (scope boundaries, search limitations, potential bias).
SCOPE LIMITATIONS: The paper focuses heavily on turbofan engine datasets (NASA C-MAPSS) as examples but does not adequately cover other industrial domains (bearings, batteries, gears, pumps) that are equally important in PdM literature.
	

	13. What is the Quality of references (i.e. from peer reviewed authentic sources)
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor 
N/A = Not Applicable
	3
Mixed quality. Several references are from lower-tier or questionable journals (e.g., EPRA IJMR, IJSRA, GlobeIS). Missing seminal works (e.g., Lei et al. 2018, Zhao et al. 2020).
	

	14. Is the manuscript written in clear and understandable language?
Rating Scale: 
5 = Excellent 4 = Good 3 = Satisfactory 2 = Needs Improvement 1 = Poor 
N/A = Not Applicable
	3
Generally understandable but contains grammatical errors, awkward phrasing, and inconsistent terminology (e.g., "deeparning" instead of "deep learning" in Section 4).
LANGUAGE AND PRESENTATION: Multiple grammatical errors and typos (e.g., "deeparning" in Section 4) detract from readability.


	



PART 2.2 (Subjective Evaluation)

	
	Reviewer’s comment

	Author’s Feedback (It is mandatory that authors should write his/her feedback here)


	Is the title of the article suitable?

If your answer is NO, please provide a brief, clear suggestion for improvement.
	YES, but could be improved. Suggested: "A Comparative Review of Remaining Useful Life Modeling Approaches for Predictive Maintenance: Physics-Based, Data-Driven, and Hybrid Methods"
	

	Is the abstract of the article comprehensive? 

If your answer is NO, please provide a brief, clear suggestion for improvement.
	NO. The abstract lacks: (1) specific contribution statement, (2) review methodology description, (3) quantitative findings summary, (4) clear problem statement. Suggested rewrite should include: "This review systematically analyzes 50+ studies..." or similar scope indication.
	

	Is the manuscript scientifically correct? 

If your answer is NO, please provide a brief, clear suggestion for improvement.
	YES, but with reservations. The technical descriptions of CNN, RNN, LSTM, and physics-based methods are generally accurate. However: (1) Section 4 contains "deeparning" typo; (2) Some claims lack supporting citations (e.g., "60% of references from 2024-2025" is not verified); (3) The claim that hybrid models "seem to have potential" is vague and unscientific; (4) Missing discussion of uncertainty quantification in RUL prediction, which is a critical scientific aspect.
	

	Are the references sufficient and recent? 

If your answer is NO, please provide clear suggestion for improvement.
	NO. Issues: (1) Olise et al. (2025) is listed in references but NOT cited in text; (2) Hutchful & Sefa-Boateng (2025) is about semiconductor manufacturing AI, not PdM/RUL—tangential relevance; (3) Arthur et al. (2025) and Arthur & Annankra (2025) focus on mining safety, not RUL prediction; (4) Saravade et al. (2024) and Jaiswal & Poursina (2025) are about heavy machinery history, not PdM methodologies; (5) Missing seminal reviews: Lei et al. (2018) "Applications of machine learning to machine fault diagnosis", Zhao et al. (2020) "Deep learning for RUL prediction", and Ren et al. (2018) "Remaining Useful Life Prediction..."; (6) No references from top-tier journals like Mechanical Systems and Signal Processing, IEEE Transactions on Industrial Informatics, or Reliability Engineering & System Safety.
	

	Are there ethical issues in this manuscript?
(YES or NO)

(If yes, kindly please write down the ethical issues here in details)

	NO ethical issues identified. However, the authors should verify that all cited references are actually cited in the text (Olise et al. appears uncited) and that journal names are correctly formatted (some appear to be from predatory or low-quality publishers).
	




Reviewer details:
Ridwan Shamoun, Duhok Polytechnic University, Iraq
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