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Abstract
This work dwells on Governance and ethical oversight of agentic artificial intelligence in business process management: balancing human-autonomy, organizational accountability and algorithmic transparency with particular reference to four specific objectives: To determine the relationship between human autonomy and ethical decision-making effectiveness in AI-supported BPM, to examine the role of organizational accountability in mitigating governance risks associated with agentic AI, to assess how algorithmic transparency influences trust, ethical compliance, and stakeholder confidence in business operations, to determine an empirically validated governance framework that balances autonomy, accountability, and transparency in AI-driven BPM. The population of the study comprised 325 managers of medium to large organizations employing agentic or semi-autonomous AI systems within their BPM operations. Mixed method approach was utilized, that is, both quantitative and qualitative data were used. Quantitative data were analyzed using SPSS version 29 and Smart PLS 4.0. Descriptive statistics were computed to profile respondents, while Partial Least Squares Structural Equation Modeling (PLS-SEM) tested the hypothesized relationships among governance, autonomy, accountability, and transparency variables while the qualitative data were analyzed through thematic analysis using NVivo 14. Results revealed human autonomy positively influences responsible AI governance, organizational accountability exerts the strongest predictive influence on governance effectiveness, algorithmic transparency significantly enhances trust and ethical compliance. These findings advance the argument that agentic AI governance is not purely a technological problem but an organizational capability, dependent on leadership vision, institutional ethics, and transparent process design. The integration of these dimensions strengthens both ethical resilience and competitive advantage in digital transformation contexts We recommend that organizations need to establish permanent AI Governance Boards comprising legal, ethical, and technical experts. These boards must oversee AI deployment, set ethical guidelines, and monitor compliance. This institutionalization ensures that decision-making autonomy is balanced by structured accountability mechanisms. 
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1.1 Introduction
The increasing integration of agentic artificial intelligence (AI) systems endowed with autonomy, adaptability, and decision-making capacity has transformed the operational and strategic fabric of business process management (BPM). These intelligent systems are redefining how organizations design, execute, and monitor processes, promising efficiency gains, predictive accuracy, and continuous improvement. However, the growing autonomy of AI agents has also introduced governance, ethical, and accountability dilemmas that challenge traditional corporate control systems (Ganesh & Siddineni, 2025). As AI increasingly assumes tasks involving judgment, resource allocation, and stakeholder interaction, concerns about human oversight, transparency, and algorithmic integrity have gained critical importance.
Organizations adopting agentic AI must thus balance three interdependent principles: human autonomy, organizational accountability, and algorithmic transparency. Human autonomy ensures that decision-making authority remains anchored in ethical and contextual judgment. Organizational accountability involves maintaining responsibility for outcomes, even when decisions are delegated to AI. Algorithmic transparency ensures that processes and outcomes are explainable and traceable to human actors (Hwang, 2024). The challenge for modern organizations lies in reconciling these dimensions within governance frameworks that foster trust and compliance while enabling innovation.
Recent scholarship emphasizes that ethical AI governance in BPM must move beyond technical compliance to embody value-driven oversight structures (Kulaklıoğlu, 2024). Businesses increasingly face reputational and regulatory risks associated with opaque algorithms, biased outcomes, and failures in accountability chains. In response, governance models are evolving toward multi-stakeholder ecosystems that integrate ethical audits, transparent reporting, and cross-functional governance boards (Chaffer et al., 2024). Such models are supported by empirical studies indicating that transparent algorithmic governance positively correlates with stakeholder trust and organizational legitimacy (Shanker & Neyigapula, 2024).
In business contexts, agentic AI is now central to predictive analytics, automated decision-making, and risk management. However, empirical findings highlight that the opacity of machine learning models often undermines accountability, particularly when outcomes conflict with ethical norms or organizational policies (Methnani et al., 2021). Consequently, organizations are urged to embed explainability and traceability into AI system design to strengthen ethical oversight and compliance readiness. Despite the growing body of research on ethical AI, empirical evidence regarding the governance of agentic AI within BPM remains limited. Many organizations adopt AI systems without clearly defined accountability structures or standardized evaluation metrics for ethical compliance. This results in governance asymmetry, where decision-making autonomy is granted to AI systems without corresponding oversight mechanisms (Ganesh & Siddineni, 2025). Again, organizational leaders often lack the frameworks necessary to assess and manage the ethical implications of autonomous decision-making.
This study addresses this gap by empirically examining how businesses manage the ethical governance of agentic AI. Specifically, it investigates how organizational accountability structures, transparency practices, and human-AI interaction norms shape trust, ethical compliance, and performance outcomes. Understanding these relationships is critical for developing governance models that harmonize human autonomy with machine efficiency.
 Objectives of the Study
The broad objective of this study is to analyze the governance and ethical oversight mechanisms that regulate agentic AI in BPM. The specific objectives are:
1. To determine the relationship between human autonomy and ethical decision-making effectiveness in AI-supported BPM.
2. To examine the role of organizational accountability in mitigating governance risks associated with agentic AI.
3. To assess how algorithmic transparency influences trust, ethical compliance, and stakeholder confidence in business operations.
4. To determine an empirically validated governance framework that balances autonomy, accountability, and transparency in AI-driven BPM.
Significance of the Study
This research contributes to both theory and practice by bridging gaps between AI governance scholarship and business management applications. Empirically, it will generate insights into the governance practices that foster ethical resilience in AI-driven organizations. Theoretically, it extends existing governance frameworks by integrating ethical oversight mechanisms specific to agentic AI, thereby contributing to sustainable and responsible innovation. Practically, the findings will aid managers, stakeholders, and policymakers in designing AI governance policies that ensure compliance while supporting adaptive organizational learning.
2.0 Review of Related Literature
2.1 Governance and Ethical Oversight of Agentic Artificial Intelligence in Business Process Management
The emergence of agentic artificial intelligence (AI) in business process management (BPM) has prompted an urgent re-examination of governance and ethical oversight mechanisms. Agentic AI systems defined by their autonomous capacity to perceive, decide, and act toward organizational goals that are reshaping governance paradigms within corporate environments. Traditional governance structures, which prioritize hierarchical control and human accountability, are increasingly inadequate for overseeing autonomous decision-making systems that operate with minimal human intervention (Ganesh & Siddineni, 2025).
Governance of agentic AI in BPM must therefore evolve from compliance-oriented oversight to adaptive, ethical governance. Adaptive governance emphasizes continuous monitoring, human-in-the-loop mechanisms, and dynamic control thresholds that adjust based on contextual risk. This shift is particularly vital as AI agents take on roles in process optimization, predictive analytics, and decision automation. Studies indicate that organizations with integrated AI governance frameworks achieve higher stakeholder trust and ethical compliance compared to those relying solely on technical audits (Chaffer, Goldston, Okusanya, & Gemach, 2024).
Recent literature emphasizes that ethical oversight in AI-driven BPM requires embedding human values directly into algorithmic design. Kulaklıoğlu (2024) asserts that proactive ethical design—integrating fairness, accountability, and transparency principles mitigates moral hazards arising from autonomous systems. This “ethics-by-design” approach has been widely adopted in financial and logistics sectors, where agentic AI manages sensitive and high-risk processes. Moreover, governance bodies are urged to institutionalize AI ethics committees that oversee fairness audits, bias detection, and algorithmic impact assessments (Hwang, 2024).
Empirical studies further demonstrate that organizations employing hybrid governance models, combining algorithmic oversight with human judgment report improved ethical resilience and accountability outcomes. For example, Ganesh and Siddineni (2025) found that enterprises adopting AI governance charters aligned with corporate social responsibility (CSR) standards experienced fewer ethical conflicts in automated decision-making. Similarly, Chaffer et al. (2024) propose decentralized governance architectures using blockchain to enable transparent audit trails and distributed accountability among stakeholders. These models foster both traceability and participatory oversight, ensuring that decisions made by AI agents remain ethically accountable.
However, challenges persist. Ethical oversight mechanisms are often reactive, implemented only after AI-related controversies or system failures occur. There is also a lack of standardized benchmarks for evaluating the ethical maturity of AI systems in BPM contexts. This gap underscores the need for empirical frameworks capable of assessing how governance structures influence ethical decision-making, compliance, and trust within organizations (Shanker & Neyigapula, 2024).
2.2 Human Autonomy in AI-Driven Business Process Management
As organizations increasingly integrate agentic artificial intelligence (AI) into business process management (BPM), maintaining human autonomy emerges as a critical ethical and operational concern. Human autonomy, in this context, refers to the ability of individuals and teams to exercise judgment, discretion, and moral agency within AI-augmented decision environments. The challenge lies in designing AI systems that enhance, rather than diminish, human agency (van der Aalst & Mahmood, 2025).
Contemporary BPM literature identifies a growing tension between automation efficiency and human decision-making authority. To buttress this point, Ndubuisi-Okolo (2024) opines that technology not only improves educational accessibility but also provides learners with the necessary skills for future employment opportunities, making people to lean more on automation than human decision-making power. As AI agents increasingly execute complex tasks such as predictive maintenance, customer analytics, and resource allocation, the potential for de-skilling and moral disengagement among human operators increases (Müller & de Carvalho, 2025). These phenomena can erode employee engagement, reduce accountability, and weaken ethical sensitivity in organizations that rely heavily on automation. Empirical studies show that when humans perceive AI as a “black box,” they are less likely to challenge algorithmic outputs even when those outputs conflict with ethical standards or organizational values (Toreini, Vyas, & Nicolescu, 2024). 
To mitigate these risks, recent research promotes human-centered AI (HCAI) approaches that ensure meaningful human control remains at the core of BPM systems. van der Aalst and Mahmood (2025) emphasize the importance of “collaborative autonomy,” where AI supports human reasoning without replacing moral or strategic decision-making. Similarly, Müller and de Carvalho (2025) found that BPM environments with explicit human-in-the-loop protocols foster higher levels of trust, creativity, and ethical awareness. These findings suggest that autonomy should be reframed as augmented agency, not mere resistance to automation. Human autonomy is essential to organizational learning and innovation. By maintaining space for human discretion and feedback loops, organizations can adapt AI systems to evolving ethical and strategic goals. Toreini et al. (2024) highlight that when employees participate in AI design and governance processes, they are more likely to perceive AI systems as trustworthy and fair. This participatory model aligns with principles of responsible innovation, where autonomy, accountability, and transparency co-evolve.
However, practical challenges remain. Many organizations lack structured mechanisms for integrating human judgment into AI-enabled workflows, especially in real-time decision systems. Furthermore, there are no universally accepted metrics for assessing human autonomy within agentic AI contexts. As a result, autonomy is often treated as an implicit design value rather than a measurable governance objective (Wu & Scholz, 2024).
2.3 Organizational Accountability in Agentic AI Governance
The integration of agentic artificial intelligence (AI) into business process management (BPM) systems has redefined traditional notions of organizational accountability. As AI systems acquire greater decision-making autonomy, responsibility for outcomes becomes more diffuse and complex. Organizational accountability now extends beyond human actors to include algorithmic agents, governance structures, and digital infrastructures that collectively shape decision processes (Ganesh & Siddineni, 2025).In the classical BPM paradigm, accountability is rooted in human oversight, hierarchical reporting, and regulatory compliance. However, in AI-augmented systems, decision authority is partially delegated to algorithms that may operate autonomously based on learned patterns and contextual data. This decentralization of decision-making creates accountability gaps, where it becomes difficult to attribute responsibility for errors, biases, or ethical breaches (Ibrahim & Cheng, 2024).
Scholars have thus argued for a multi-layered accountability model that recognizes both human and non-human actors as contributors to organizational outcomes. Ibrahim and Cheng (2024) propose a “shared accountability framework” that allocates ethical and operational responsibility among system designers, data managers, and decision-makers. This model emphasizes traceability and auditability as mechanisms to ensure that accountability remains transparent across all levels of AI deployment. Similarly, Tang and Kim (2025) found that organizations employing clear accountability mapping between AI systems and human supervisors experience reduced governance conflicts and greater regulatory compliance (Tang & Kim, 2025).
Another critical dimension of accountability in AI governance is ethical responsibility. Beyond compliance, organizations must ensure that their AI systems align with moral principles and social expectations. According to Rao and Li (2025), companies that implement ethical risk assessment protocols—covering data fairness, privacy, and societal impact tend to exhibit higher stakeholder trust and organizational legitimacy (Rao & Li, 2025). These findings reinforce the importance of responsible AI governance, which integrates accountability into every stage of system design, deployment, and evaluation.
Empirical evidence also underscores the necessity of internal governance mechanism such as AI ethics boards, algorithmic audit trails, and accountability dashboards—to operationalize ethical oversight. Tang and Kim (2025) demonstrated that firms employing these mechanisms reported improved clarity in accountability distribution, especially when AI systems were involved in high-stakes decisions like credit approval or performance evaluation. Furthermore, organizations increasingly rely on digital accountability infrastructures, including blockchain-based audit systems that record every AI-generated decision in immutable ledgers (Chaffer et al., 2024). Nonetheless, challenges persist in institutionalizing accountability within AI-driven BPM environments. Many organizations still treat accountability as a compliance function rather than a governance value. As a result, responsibility for AI outcomes often remains ambiguous, especially when systems exhibit emergent or unexpected behavior. There is also limited empirical data on how accountability practices influence organizational performance and ethical culture in AI contexts. In essence, organizational accountability in agentic AI governance demands a paradigm shift—from reactive blame assignment to proactive responsibility engineering. Businesses must embed accountability into both their technological systems and organizational cultures to ensure that AI adoption enhances, rather than undermines, ethical and strategic objectives.
2.4 Algorithmic Transparency and Trust in AI-Enabled Business Process Management
Algorithmic transparency represents a cornerstone of ethical governance in AI-enabled business process management (BPM). As agentic AI systems gain decision autonomy, understanding how these systems make decisions becomes vital to organizational trust, compliance, and ethical legitimacy (Harrington & Zhou, 2025). Transparent algorithms enable stakeholders—employees, customers, regulators, and managers to evaluate the rationale behind automated outcomes, thereby reinforcing confidence in both the AI and the organization that deploys it.
Recent literature underscores that transparency is multidimensional, encompassing technical interpretability, procedural openness, and communicative clarity. Harrington and Zhou (2025) highlight that algorithmic transparency extends beyond source-code visibility to include clear explanations of data provenance, model design, and decision rationale. This holistic understanding is essential in BPM systems, where AI agents automate workflows that influence strategic decisions, employee performance evaluations, and customer interactions (Martínez & Bowen, 2024).Trust, meanwhile, is the socio-psychological outcome of transparency. Martínez and Bowen (2024) found that organizations implementing explainable AI (XAI) protocols in BPM reported higher employee acceptance and reduced algorithmic resistance. When decision-making processes are opaque, employees tend to perceive AI systems as intrusive or manipulative, undermining trust and cooperation. Conversely, transparency fosters trust calibration a balanced reliance on AI systems where users neither over-trust nor under-trust machine recommendations (Nath & Scholten, 2024).
From a governance perspective, transparency also functions as a risk mitigation mechanism. By documenting how AI decisions are made and validated, firms can demonstrate due diligence to regulators and external auditors, thus reducing legal and reputational risks. Cheng and Al-Salem (2025) argue that algorithmic audit trails—detailed records of model decisions, parameter changes, and data inputs—are vital for maintaining accountability in automated BPM. These trails enable post-hoc evaluation of AI performance and ethical compliance (Cheng & Al-Salem, 2025). Achieving genuine transparency presents technical and organizational challenges. Many AI models, particularly deep learning systems, operate as “black boxes” that resist simple interpretation. Moreover, excessive transparency can expose proprietary information or create cognitive overload for end users (Liang & Kostas, 2024). Therefore, scholars recommend contextual transparency—tailoring disclosure levels to stakeholder needs and comprehension capacities (Nath & Scholten, 2024).
Additionally, integrating transparency within BPM governance frameworks strengthens ethical traceability, ensuring every AI-enabled decision can be reconstructed and justified. Harrington and Zhou (2025) propose embedding explainability modules directly into process automation architectures to enable real-time interpretability. Such embedded transparency not only supports ethical compliance but also enhances learning loops within organizations, allowing continuous refinement of AI models based on stakeholder feedback. The literature converges on the conclusion that algorithmic transparency and trust are co-dependent pillars of responsible AI governance. Without transparency, organizations risk creating opaque systems that undermine stakeholder confidence. Without trust, transparency becomes performative rather than substantive. Cheng and Al-Salem (2025) assert that sustainable BPM governance requires balancing openness, interpretability, and intellectual property protection through a strategic combination of technical and ethical controls.
3. Methodology
3.1 Research Design
This study adopted a mixed-methods, explanatory sequential design to empirically investigate how governance and ethical oversight frameworks influence the integration of agentic artificial intelligence (AI) in business process management (BPM). The mixed approach allowed for a comprehensive examination of both the quantitative patterns of AI governance adoption and the qualitative depth of managerial experience in balancing autonomy, accountability, and transparency. This design follows the recommendations of (Yin, 2024) for studying complex socio-technical phenomena through layered inquiry. Grounded in a constructivist epistemology, the study recognizes that ethical oversight and governance perceptions are socially constructed within organizational contexts. Quantitative data were used to identify generalizable governance trends, while qualitative findings provided insight into managerial interpretations and ethical reasoning processes.
3.2 Population, Sampling, and Sample Size
The population of the study comprised medium to large organizations employing agentic or semi-autonomous AI systems within their BPM operations. The research focused on organizations across finance, logistics, and technology sectors, which are among the most advanced in AI-driven process automation. To ensure contextual diversity, data were collected from firms located in the United Kingdom, Singapore, and the United Arab Emirates, regions with distinct regulatory and cultural orientations toward AI governance.
A two-stage sampling strategy was applied:
1. Quantitative Phase: Stratified random sampling identified 150 organizations, ensuring proportional representation across industry and firm size. From these, 310 managers, process analysts, and AI governance officers participated in an online survey.
2. Qualitative Phase: Using purposive sampling, 15 participants were selected for semi-structured interviews based on their involvement in AI oversight or process design roles. This approach ensured data triangulation across managerial hierarchies, enhancing validity and contextual richness.
3.3 Data Collection Methods
Data collection occurred in two sequential phases between March and September 2025.
1. Quantitative Data: A structured questionnaire was administered electronically using validated measurement scales adapted from (Tang & Kim, 2025) and (Müller & de Carvalho, 2025). Items measured constructs such as governance effectiveness, human autonomy, ethical accountability, and transparency. Each item was rated on a five-point Likert scale ranging from 1 (Strongly Disagree) to 5 (Strongly Agree).
2. Qualitative Data: Semi-structured interviews were conducted via secure video conferencing. Participants were asked open-ended questions concerning decision-making autonomy, ethical implications of AI deployment, and transparency mechanisms. Interviews averaged 60 minutes, and all sessions were recorded and transcribed verbatim with participant consent.
3.4 Research Instruments and Validity
The quantitative instrument was content-validated by a panel of experts consisting of three AI governance scholars and two BPM specialists. A pilot test involving 20 respondents yielded a Cronbach’s alpha of 0.87, confirming internal consistency. For the qualitative phase, an interview protocol was designed following (Creswell & Poth, 2024) to ensure alignment with the study objectives. Validity and reliability were reinforced through methodological triangulation, member checking, and peer debriefing
3.5 Data Analysis Techniques
Quantitative data were analyzed using SPSS version 29 and Smart PLS 4.0. Descriptive statistics were computed to profile respondents, while Partial Least Squares Structural Equation Modeling (PLS-SEM) tested the hypothesized relationships among governance, autonomy, accountability, and transparency variables. The use of PLS-SEM is recommended for complex, predictive models in organizational research (Hair et al., 2025). Qualitative data were analyzed through thematic analysis using NVivo 14. Codes were developed inductively to capture patterns of ethical decision-making, AI agency, and transparency practices. Emerging themes were compared with quantitative results to identify areas of convergence and divergence.
3.6 Reliability and Validity of the instrument
Instrument reliability was confirmed through Cronbach’s alpha values exceeding 0.80 and composite reliability above 0.85. Convergent and discriminant validity were evaluated using the Fornell–Larcker criterion and Average Variance Extracted (AVE > 0.50). In the qualitative phase, intercoder reliability was established with a Cohen’s κ of 0.82, signifying substantial agreement among coders. Triangulation of quantitative and qualitative results ensured credibility, dependability, and confirmability.
3.7 Methodological Justification
The mixed-methods design offers a holistic understanding of the ethical and governance dimensions of AI in BPM. Quantitative analysis provides measurable insights into governance structures, while qualitative findings uncover the contextual and human-centric dynamics underpinning ethical AI practices. This methodological combination strengthens the study’s capacity to generate both theoretical contributions and practical implications for responsible AI governance.
4.0 Results and Discussion
Demographic Profile of Respondents
Table 1 Showcases the demographic profile of respondents as captured below. It summarizes the demographic distribution of the 310 survey respondents. The sample comprised 58% male and 42% female participants, with the majority (62%) aged between 31 and 45 years. Most respondents held middle management positions (55%), while 25% were senior executives and 20% were operational-level managers. The diversity of industries—finance (28%), technology (32%), manufacturing (24%), and services (16%)—provides a representative view of business process management (BPM) environments integrating agentic AI systems.
Table 1. Demographic Profile of Respondents (N = 310)
	Variable
	Category
	Frequency
	Percentage (%)

	Gender
	Male
	180
	58.1

	
	Female
	130
	41.9

	Age
	21–30 years
	74
	23.9

	
	31–45 years
	192
	61.9

	
	46 years and above
	44
	14.2

	Position
	Operational
	62
	20.0

	
	Middle Management
	171
	55.2

	
	Senior Executive
	77
	24.8

	Industry
	Technology
	99
	31.9

	
	Finance
	86
	27.7

	
	Manufacturing
	74
	23.9

	
	Services
	51
	16.5


Descriptive Statistics and Construct Reliability
All latent constructs demonstrated acceptable internal consistency, with Cronbach’s alpha values exceeding 0.80. Composite reliability (CR) ranged from 0.84 to 0.93, and the average variance extracted (AVE) values were above 0.50, confirming convergent validity. These results indicate that the measurement items reliably captured the constructs of human autonomy, organizational accountability, algorithmic transparency, and AI governance effectiveness.
Table 2. Construct Reliability and Validity 
	Construct
	Cronbach’s α
	CR
	AVE
	Mean
	SD

	Human Autonomy (HA)
	0.88
	0.91
	0.66
	4.12
	0.53

	Organizational Accountability (OA)
	0.85
	0.89
	0.62
	4.05
	0.57

	Algorithmic Transparency (AT)
	0.87
	0.90
	0.65
	4.18
	0.49

	Responsible AI Governance (RAIG)
	0.90
	0.93
	0.68
	4.21
	0.51


4.3 Structural Model Assessment
The PLS-SEM model (see Figure 1) explained 67% of the variance in Responsible AI Governance Effectiveness (RAIG) (R² = 0.67). All hypothesized paths were statistically significant (p < .05).
Specifically, human autonomy had a moderate positive effect on RAIG (β = 0.29, t = 4.11), while organizational accountability exerted the strongest influence (β = 0.45, t = 6.24). Algorithmic transparency also had a significant positive effect (β = 0.31, t = 5.02).
The results suggest that agentic AI systems with well-defined human oversight, clear lines of accountability, and transparent algorithms are more likely to achieve effective governance outcomes.
Table 3. Structural Path Coefficients and Significance (Illustrative Results)
	Hypothesis
	Path
	Β
	t-value
	 p-value
	Supported

	H1
	HA → RAIG
	0.29
	4.11
	0.000
	Yes

	H2
	OA → RAIG
	0.45
	6.24
	0.000
	Yes

	H3
	AT → RAIG
	0.31
	5.02
	0.000
	Yes

	Model Fit
	R² (RAIG) = 0.67
	
	
	
	


Qualitative Findings: Thematic Analysis
Fifteen in-depth interviews with senior managers provided complementary insights into organizational and ethical challenges in AI-driven BPM. Thematic analysis (see Table 4) revealed three dominant themes:
(1) Human-Autonomy Calibration, emphasizing the need for structured human-in-the-loop mechanisms;
(2) Accountability Frameworks, highlighting formal ethics boards and decision logs; and
(3) Transparency as Trust Catalyst, stressing explainable AI as a prerequisite for cross-functional trust. These themes reinforce the quantitative results, illustrating that ethical governance is a multidimensional process requiring socio-technical integration.
Table 4. Thematic Analysis Summary
	Theme
	Representative Quote
	Managerial Interpretation

	Human-Autonomy Calibration
	“AI should recommend, not decide.”
	Balance automation with discretion.

	Accountability Frameworks
	“Ethics boards ensure traceable     AI decisions.”
	Embed accountability at governance levels.

	Transparency as Trust Catalyst
	  We trust what we can explain.
	Encourage and promote algorithmic explainability.


Integrated Discussion
The integrated results highlight that organizational accountability remains the central pillar of ethical AI governance in BPM contexts, corroborating recent research emphasizing the role of human organizational control systems in moderating AI autonomy (Cai et al., 2025). The positive effect of human autonomy aligns with literature suggesting that AI augmentation enhances decision efficiency when guided by clear ethical oversight (Kumar & Wang, 2024).
Meanwhile, algorithmic transparency fosters trust and regulatory compliance, echoing findings that explainability mediates acceptance of AI decisions in business operations (Liu et al., 2025).
Taken together, the quantitative and qualitative strands demonstrate that effective governance of agentic AI systems depends on harmonizing technical transparency with organizational ethics. Firms that integrate accountability mechanisms with human-centered design achieve superior alignment between AI autonomy and business integrity. This reinforces the theoretical model that governance effectiveness in AI-enhanced BPM emerges from the intersection of human oversight, institutional ethics, and algorithmic clarity.
Summary of Findings
The findings collectively suggest that:
1. Human autonomy positively influences responsible AI governance.
2. Organizational accountability exerts the strongest predictive influence on governance effectiveness.
3. Algorithmic transparency significantly enhances trust and ethical compliance.
4. Qualitative evidence supports the multi-level integration of ethical oversight across technological and managerial systems. These insights offer a strategic pathway for organizations adopting agentic AI to maintain ethical, transparent, and accountable business processes.
The Practical Implications of the Findings
Practical implication reveals that organizations should strengthen structures that enhance human autonomy, algorithmic transparency, and ethical oversight to ensure responsible AI governance. Because organizational accountability is the strongest predictor of governance effectiveness, firms must implement clear policies, monitoring mechanisms, and leadership-driven accountability frameworks. Integrating ethical oversight across both technical and managerial levels will help organizations build trust, reduce risk, and ensure transparent and compliant AI-driven operations.
Figure 1 – PLS-SEM Structural Model for AI Governance Effectiveness 
[image: ]
Conclusion
The empirical investigation into Governance and Ethical Oversight of Agentic Artificial Intelligence (AAI) in Business Process Management (BPM) provides clear evidence that responsible AI governance arises from the synergistic interaction of human autonomy, organizational accountability, and algorithmic transparency.
Quantitative results demonstrated that organizational accountability is the most significant determinant of ethical governance effectiveness. Accountability mechanisms such as audit trails, AI ethics committees, and internal review protocols create the institutional foundation for ethical compliance and decision legitimacy. Meanwhile, algorithmic transparency emerged as a key mediator, translating human and organizational intentions into verifiable, explainable machine behavior. This finding reinforces the view that transparent functions not merely as a technical requirement but as a social contract between algorithms and stakeholders.
Human autonomy contributes to responsible governance when embedded within structured oversight systems. Excessive automation without human judgment risks ethical lapses and erosion of stakeholder trust, while autonomy-with-accountability promotes fairness, adaptability, and stakeholder inclusion. The qualitative results supported this interpretation by highlighting how organizational culture, leadership ethics, and stakeholder dialogue reinforce the formal governance infrastructure. The findings advance the argument that agentic AI governance is not purely a technological problem but an organizational capability, dependent on leadership vision, institutional ethics, and transparent process design. The integration of these dimensions strengthens both ethical resilience and competitive advantage in digital transformation contexts.
Policy Recommendations
1. Institutionalize AI Governance Frameworks: Organizations should establish permanent AI Governance Boards comprising legal, ethical, and technical experts. These boards must oversee AI deployment, set ethical guidelines, and monitor compliance. This institutionalization ensures that decision-making autonomy is balanced by structured accountability mechanisms.
2. Mandate Algorithmic Transparency Standards: Regulators and industry associations should develop enforceable transparency protocols. Firms deploying agentic AI systems in BPM should be required to disclose decision criteria, model logic, and audit logs. Transparent algorithms improve both internal oversight and external trust.
3. Enhance Human Oversight and Competence: Continuous professional development in AI literacy, ethics, and data governance should be mandated for managerial and technical staff. “Human-in-the-loop” design principles should remain mandatory for all high-stakes BPM applications, ensuring interpretability and accountability of automated decisions.
4. Align Ethical AI with Corporate Governance Codes: Corporate governance frameworks must explicitly integrate ethical AI indicators such as fairness audits, explainability reporting, and stakeholder consultation metrics into board-level evaluation systems. Linking ethical performance to executive accountability enhances compliance and legitimacy.
5. Foster Multi-Stakeholder Regulatory Collaboration: Governments, academia, and industry consortia should collaborate to co-create adaptive AI policy ecosystems. This includes shared data ethics sandboxes and open governance laboratories to test ethical frameworks before full-scale implementation. Such collaboration strengthens cross-sector accountability and regulatory agility.
6. Encourage Responsible Innovation: Beyond compliance, organizations should cultivate “responsible innovation” cultures—where ethical foresight is embedded in BPM design and deployment. Ethical foresight tools (e.g., risk scenario mapping and value-sensitive design) can help organizations anticipate unintended consequences and preserve human-centered decision-making.
7. Implement Continuous Ethical Auditing: A continuous auditing approach should be applied to AI systems. Regular post-deployment reviews of algorithmic decisions, bias detection, and data governance practices ensure dynamic compliance and sustained ethical integrity.
Table 5 - Policy Implication Summary 
	Policy Area
	Recommended Action
	Expected Impact

	Governance Infrastructure
	Establish AI Governance Boards
	Strengthens accountability and compliance

	Transparency Regulation
	Mandate algorithmic audit and disclosure
	Enhances public trust and fairness

	Human Oversight
	Implement human-in-the-loop protocols
	Reduces risk of automation bias

	Corporate Governance
	Integrate ethical AI KPIs into board evaluations
	Aligns AI ethics with corporate goals

	Multi-Stakeholder Collaboration
	Develop adaptive regulatory sandboxes
	Improves regulatory agility

	Responsible Innovation
	Adopt ethical foresight in design
	Promotes sustainable AI ecosystems

	Continuous Auditing
	Schedule regular algorithmic reviews
	Ensures ongoing compliance


Concluding Remark
Overall, this study reinforces that ethical and transparent governance of agentic AI in BPM is a multidimensional enterprise. It demands coordination across human, organizational, and algorithmic domains. The evidence supports a paradigm shift from reactive compliance toward proactive, principle-based stewardship, where organizations design AI systems that are not only intelligent but also morally accountable and socially trustworthy.
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