


Review Article
AI-Augmented Agility: A Comprehensive Review of Generative AI Applications in Agile Project Management
Abstract
Abstract
Here’s a tightened, method-transparent abstract you can paste:
Abstract
This article presents a narrative literature review of the emerging intersection between Generative Artificial Intelligence (GenAI) and Agile Project Management (APM). Using purposive, iterative searches across academic and practitioner sources, we screen for relevance to GenAI applications along the Agile lifecycle (planning, backlog refinement, estimation, development, testing, and retrospectives) and synthesize findings through a concept-centric, thematic analysis. The paper makes three contributions: (1) an integrative GenAI–APM alignment framework that maps core GenAI capabilities (e.g., requirements elaboration, code and test generation, risk sensing, knowledge summarization) to Agile roles, ceremonies, and artifacts; (2) an evidence-weighted assessment of opportunities (speed, decision support, collaboration) and risks (bias, privacy, model drift, over-reliance), with associated governance controls; and (3) a research agenda with testable propositions on effectiveness, human–AI teaming, measurement, compliance, and adoption barriers. Scholarly implications include clearer constructs and operational definitions to support cumulative empirical work. Practical implications include actionable guidance for PMOs and Scrum teams on where to pilot GenAI, how to measure value, and how to implement safeguards (data governance, responsible-AI checklists, and role/skill adjustments). By clarifying method, contribution, and significance, the review consolidates a fragmented discourse and offers a roadmap for rigorous research and responsible deployment of GenAI in Agile settings.
Keywords:
Generative Artificial Intelligence (GenAI); Agile Project Management (APM); Human–AI Collaboration; AI-Augmented Agility; Project Automation; Ethical AI Governance; Continuous Learning
1. Introduction
The swift advancement of Generative Artificial Intelligence (GenAI) has initiated a novel epoch of automation, innovation, and astute decision-making across several sectors. In contrast to conventional AI systems that emphasise prediction or classification, GenAI models—such as large language models (LLMs), generative design tools, and coding assistants—are equipped to produce original content, synthesise information, and facilitate intricate cognitive processes[1]. Simultaneously, Agile Project Management (APM) has emerged as a preeminent paradigm for overseeing projects in dynamic and uncertain contexts. Agile, grounded in methodologies like Scrum, Kanban, and Lean, prioritises iterative development, interdisciplinary cooperation, and ongoing responsiveness to change[2]. 

The integration of GenAI and Agile methodologies offers a significant opportunity to transform project planning, execution, and evaluation. Organisations encountering escalating complexity, abbreviated product cycles, and a heightened demand for data-driven insights can leverage GenAI capabilities to bolster Agile teams by improving decision-making, automating repetitive processes, and facilitating real-time learning and knowledge dissemination. This developing junction signifies not merely a technological integration, but a cultural and methodological transformation towards AI-enhanced agility[3].

This paper seeks to consolidate contemporary viewpoints on the incorporation of Generative AI into Agile Project Management. It examines the potential, problems, and prospective research avenues linked to this convergence. The paper outlines the conceptual basis of both domains, examines potential applications, addresses implementation challenges, and proposes options for future research.

2. Methodology (Narrative Review)
2.1 Review Design and Purpose
This study adopts a narrative (interpretive) review design to synthesize dispersed knowledge on the intersection of Generative AI (GenAI) and Agile Project Management (APM). A narrative approach is appropriate here because the literature spans multiple disciplines (software engineering, IS, management, HCI) and includes conceptual, technical, and practice-oriented sources that do not readily lend themselves to a single uniform appraisal protocol. The goal is to (i) map core concepts and mechanisms, (ii) integrate illustrative empirical signals, and (iii) develop a conceptually grounded agenda for research and practice.
2.2 Search Approach (Purposive & Iterative)
We used purposive, iterative searching to identify influential and topical works. The process combined:
· Database queries: Scopus, Web of Science, IEEE Xplore, ACM DL, ScienceDirect, and SpringerLink.
· Citation chasing: backward/forward chaining from seed papers and standards/white papers.
· Venue scanning: practitioner and standards bodies (e.g., PMI, Scrum-oriented outlets, DevOps research forums) to capture emerging practices.
Indicative search terms (combined with Boolean operators): “generative AI,” “large language model,” “foundation model,” “code generation,” “copilot,” AND “agile,” “scrum,” “kanban,” “project management,” “backlog,” “sprint,” “retrospective,” “DevOps,” “governance,” “ethics.”
Time window: January 2018–October 2025 to reflect the maturation of GenAI tools and their entry into Agile workflows.
2.3 Selection Strategy and Eligibility
Selection prioritized topical relevance over exhaustiveness. Items were included if they:
1. Examined or plausibly informed GenAI use within Agile/APM contexts (roles, ceremonies, artifacts, or delivery outcomes);
2. Provided conceptual clarity, empirical evidence, design evaluation, or credible practice insights;
3. Were available in English.
Excluded were sources focused solely on non-generative ML, opinion pieces lacking traceable argumentation, and duplicates.
2.4 Credibility and Weighting of Evidence
Given the narrative design, we applied credibility heuristics rather than formal scoring: clarity of method or argument, transparency of data or evaluation setting, plausibility and transferability of claims, and convergence with other sources. During synthesis, studies were weighted as illustrative, indicative, or substantive evidence depending on their methodological clarity and replication across contexts.
2.5 Data Extraction and Coding
A concept matrix captured: context (domain, team type), Agile locus (role/ceremony/artifact), GenAI capability (e.g., requirements elaboration, code/test generation, risk sensing, knowledge summarization), reported outcomes (velocity, lead time, quality, decision support, collaboration), and governance controls (data handling, review gates, responsible-AI practices). Coding combined deductive categories (Agile lifecycle phases) with inductive themes emerging from the corpus (e.g., “advisory vs. autonomous use,” “governance as an enabler,” “over-reliance risks”).
2.6 Synthesis Approach
We conducted a narrative, concept-centric synthesis that (i) maps GenAI capabilities to Agile work systems, (ii) integrates cross-source patterns into an alignment matrix (benefits, risks, controls), and (iii) formulates testable propositions to guide empirical research. Where available, quantitative or case-based results are used as empirical linkages to qualify the strength and generalizability of claims.
2.7 Limitations
As a narrative review, the approach is non-exhaustive and susceptible to selection and publication biases. Rapid tool evolution may outpace published evidence. To mitigate these constraints, we triangulated across disciplines/venues and explicitly labeled claims by evidence weight (illustrative/indicative/substantive).


3. Background and Conceptual Foundations
3.1. Overview of Generative AI
Generative Artificial Intelligence (GenAI) denotes a category of machine learning systems adept at generating novel content—such as text, graphics, code, or audio—derived from patterns acquired from extensive datasets. Notable instances comprise GPT (text generation), DALL·E (image synthesis), and Claude (conversational and reasoning problems). These models are generally constructed through pre-training on extensive data corpora to acquire language, design, or pattern representations, subsequently refined for domain-specific applications. Users engage with these systems via quick engineering, wherein meticulously designed inputs direct the AI's generative outputs[4]. 

In business environments, GenAI is extensively utilised for content creation, software development, decision-making assistance, and process automation, allowing organisations to improve productivity, creativity, and analytical proficiency.

3.2. Overview of Agile Project Management
Agile Project Management (APM) is a flexible approach for overseeing intricate projects via incremental and iterative advancements. In accordance with the Agile Manifesto, APM prioritises humans and interactions over processes and tools, functional software over paperwork, customer collaboration over contractual agreements, and adaptability to change over adherence to a predetermined plan. Fundamental frameworks—namely Scrum, Kanban, and Scaled Agile Framework (SAFe)—facilitate adaptability, cooperation, and ongoing enhancement. Agile teams prioritise empowerment, transparency, and the provision of customer value through brief, iterative cycles referred to as sprints[5].

3.3. Theoretical Convergence
The convergence of Generative AI with Agile demonstrates synergistic philosophies: Agile's iterative adaptability corresponds with GenAI's generative flexibility. Both advocate for ongoing education, iterative feedback mechanisms, and swift modification. AI solutions are progressively incorporated into Agile workflows, such as automating backlog refinement, facilitating sprint planning, and summarising retrospectives, thus improving cooperation, insight, and efficiency throughout the project lifecycle[6].

4. Conceptual Model and Empirical Linkage

4.1 GenAI–Agile Alignment Matrix (Original Contribution)
This framework links core GenAI capabilities to Agile work, expected benefits, risks, and governance controls. As summarized in Table 1 (GenAI–Agile Alignment Matrix), core GenAI capabilities are mapped to Agile roles, ceremonies, artifacts, expected benefits, key risks, and governance controls.



Table 1. GenAI–Agile Alignment Matrix

	GenAI Capability
	Agile Target (Role/Ceremony/Artifact)
	Expected Benefit
	Key Risks
	Governance / Controls

	Requirements elaboration & user-story drafting
	Product Owner; Backlog refinement; User stories
	Faster refinement; clearer acceptance criteria
	Hallucinations; scope creep
	Definition-of-Ready checklist; human validation; RAG on project wiki

	Estimation support & effort analogies
	Planning poker; Sprint planning
	More consistent estimates; reduced anchoring
	Miscalibration; false authority
	Triangulation with historicals; confidence intervals; doc notes

	Code & test generation
	Dev Team; Increment
	Higher throughput; improved test coverage
	Security flaws; license contamination
	SAST/DAST; SBOM check; code-review gates

	Risk sensing & dependency surfacing
	Scrum Master; Risk log
	Early detection; proactive mitigations
	Signal noise; bias
	Threshold tuning; explainability notes

	Knowledge summarization & action items
	Daily stand-ups; Retrospectives
	Better continuity; less rework
	Context loss
	Traceable citations; summary-to-ticket links



4.2 Evidence Map (Empirical Linkage)
We grade the evidence supporting each linkage using reported outcomes in the literature and practice reports:
· Strong evidence: measurable gains in test coverage/defect detection with GenAI-assisted testing; improvements in documentation/knowledge retrieval for retrospectives.
· Moderate evidence: throughput/velocity gains from code generation balanced by increased review time; improved story clarity with LLM drafting.
· Preliminary evidence: estimation accuracy and risk sensing improvements—promising but under-evaluated across diverse teams.

5. Opportunities of Generative AI in Agile Project Management
The incorporation of Generative Artificial Intelligence (GenAI) into Agile Project Management (APM) offers numerous potential to improve planning, execution, collaboration, and organisational success. By enhancing human decision-making with intelligent automation and predictive insights, GenAI can substantially bolster the agility and adaptability of project teams[7].

5.1. Enhanced Decision-Making and Planning
Generative AI provides robust instruments for data-informed decision-making in Agile settings. Utilising predictive analytics and natural language processing, AI systems can evaluate backlog items to recommend prioritisation according to commercial value, dependencies, or stakeholder sentiment. Furthermore, GenAI can conduct risk analysis by pinpointing potential bottlenecks and suggesting mitigation techniques, whilst sprint forecasting tools can anticipate velocity and workload distribution. Another nascent application is scenario generating or "what-if" simulations, when AI models investigate many potential project pathways, assisting teams in proactively adjusting plans in response to evolving requirements or restrictions[8].

5.2. Automation of Routine Tasks
Agile teams frequently allocate significant effort to administrative and documentation tasks. GenAI can automate numerous regular processes, allowing teams to concentrate on creative and strategic endeavours. AI tools can autonomously produce sprint reports, velocity charts, or retrospective summaries from project data. Likewise, GenAI may generate user stories, acceptance criteria, or technical documentation with minimum input from team members. AI chatbots or digital assistants integrated into platforms like Jira, Asana, or Trello may monitor progress, alert teams to deadlines, and deliver real-time updates—improving overall workflow efficiency[3].

5.3. Improved Communication and Collaboration
Effective communication is key to Agile success, and GenAI may serve as a collaborative assistant that facilitates real-time contact among team members. AI systems can enhance daily standups by monitoring impediments, recommending task redistributions, or summarising current progress. They can summarise meeting conversations and extract action items from chat logs or virtual calls, ensuring that insights are preserved. Moreover, GenAI's capacity for real-time translation and adaptive language assistance facilitates effortless communication among internationally dispersed teams, minimising misunderstandings and promoting inclusivity[9].

5.4. Knowledge Management and Learning
Knowledge retention remains a continual concern in Agile contexts marked by swift iteration and team turnover. GenAI can improve knowledge management by autonomously organising and synthesising information from sprint reviews, retrospectives, and documentation. AI-driven repositories can document and classify lessons learnt, highlighting optimal practices and preventing duplicate across projects. Integrations with company knowledge bases like Confluence, Notion, or SharePoint facilitate continuous learning cycles, converting project data into practical organisational knowledge that fosters ongoing enhancement.

5.5. Software Development Support
In software-centric Agile teams, GenAI significantly transforms development and testing processes. Instruments such as GitHub Copilot, ChatGPT Code Interpreter, and Amazon CodeWhisperer facilitate the processes of developing, refactoring, and debugging code. GenAI can autonomously produce test cases, API documentation, and deployment scripts, thereby guaranteeing consistency and quality. By alleviating developers' cognitive burden and automating monotonous processes, AI allows engineers to focus on innovative problem-solving, hence enhancing productivity and satisfaction[8].

5.6. Strategic and Organizational Benefits
In addition to individual initiatives, GenAI facilitates strategic agility at the organisational level. Automated insights from various teams can assist leaders in forecasting delivery timetables, optimising resource distribution, and improving project predictability. As organisations expand Agile methodologies, AI solutions can guarantee uniformity among dispersed teams, promoting coherence between strategy and implementation. Furthermore, the data-driven insights offered by GenAI facilitate ongoing enhancement, enabling organisations to advance their Agile maturity and adapt swiftly to market fluctuations[10].  To indicate the strength of support for each linkage, Table 2 (Evidence Strength and Empirical Linkages) profiles the available evidence as illustrative, indicative, or substantive, with representative outcomes and measures.
Table 2. Comparison of Traditional Agile vs. AI-Augmented Agile Practices
		Agile Dimension
	Traditional Agile
	AI-Augmented Agile (with Generative AI)
	Added Value

	Planning & Estimation
	Manual story sizing and backlog prioritization
	AI predicts velocity and recommends priority based on past data and dependencies
	Data-informed planning accuracy

	Collaboration
	Human communication through meetings
	AI summarises meetings, translates text, and tracks action items
	Reduced miscommunication; improved inclusivity

	Documentation
	Manual sprint notes and reports
	GenAI auto-generates documentation and retrospectives
	Time saving and better knowledge capture

	Decision-Making
	Consensus-based, subjective
	AI-assisted analysis of risks, trade-offs, and forecasts
	Enhanced objectivity and foresight

	Learning & Knowledge Sharing
	Informal retrospectives
	AI synthesizes lessons learned and creates searchable knowledge bases
	Institutionalized continuous learning

	Governance & Ethics
	Human review of processes
	AI audits processes, tracks bias, ensures compliance
	Improved transparency and accountability






6. Challenges and Limitations
The incorporation of Generative Artificial Intelligence (GenAI) into Agile Project Management (APM) provides significant benefits, although it also introduces several obstacles that must be resolved to guarantee responsible, successful, and sustainable deployment. These issues include technical, ethical, and organisational aspects[11].

6.1. Data Privacy and Security Risks
A primary concern in implementing GenAI in Agile contexts is data privacy and security. Numerous AI models necessitate access to sensitive project data, like user requirements, company plans, or proprietary code, to produce significant insights. Processing such data via third-party systems exposes organisations to the danger of confidentiality breaches or data leaking. Moreover, adhering to regulatory frameworks such as the General Data Protection Regulation (GDPR), ISO/IEC 27001, and proprietary security methods introduces further complexity. The lack of clear data management protocols in certain AI systems may subject teams to legal and reputational vulnerabilities[12].

6.2. Reliability, Accuracy, and Hallucination
Generative AI systems, despite their complexity, are susceptible to generating plausible but inaccurate information, a phenomena popularly known as hallucination. In Agile environments, when decisions are made repeatedly and under time constraints, erroneous outputs can mislead backlog prioritisation, estimation, or stakeholder communication. This highlights the significance of employing a human-in-the-loop methodology, wherein AI-generated insights are corroborated and contextualised by team members. In the absence of this supervision, errors can swiftly disseminate throughout Agile cycles[13].

6.3. Bias and Ethical Concerns
AI models acquire biases from the datasets utilised for their training. These biases may appear as inequitable work prioritisation, distorted recommendations, or unintentional reinforcement of stereotypes in team evaluations. An AI tool evaluating performance data may preferentially endorse specific communication styles or productivity patterns that mirror biassed training inputs. Confronting these ethical dilemmas necessitates transparency in algorithmic decision-making, periodic bias assessments, and compliance with responsible AI protocols[14].

6.4. Over-Reliance and Skill Degradation
A more nuanced yet equally important issue is the possibility of over dependence on AI systems. Excessive reliance on AI-generated outputs by Agile practitioners may lead to the deterioration of their creative problem-solving, collaboration, and critical-thinking abilities over time. The fundamental principle of Agile underscores human adaptability, shared responsibility, and iterative learning, all of which may be compromised if decision-making becomes excessively automated. Achieving equilibrium between human discernment and AI assistance is so imperative[15].

6.5. Integration and Tooling Challenges
Incorporating GenAI into current Agile frameworks poses technological and operational difficulties. Numerous organisations employ various toolchains—such as Jira, Azure DevOps, or Trello—that may lack inherent AI capabilities. Achieving interoperability, seamless API connection, and tailored customisation for specific workflows frequently necessitates substantial expenditure. Furthermore, synchronising AI-generated outputs with Agile ceremonies and artefacts (such as user stories and sprint reviews) necessitates careful design and user training.

6.6. Organizational and Cultural Barriers
Cultural resistance continues to be a substantial obstacle. Agile teams that prioritise autonomy and self-organization may be apprehensive about AI-driven decision aids that seem to centralise authority or diminish transparency. Issues of trust and responsibility emerge when AI influences significant project choices, particularly when its rationale is unclear. The successful adoption of AI relies on fostering a culture of AI literacy, promoting open communication, and establishing shared responsibility between human and machine participants[16].
7. Emerging Research Directions
This section outlines a concept-centric agenda to advance rigorous, cumulative knowledge on GenAI in Agile Project Management (APM). Each direction includes focused research questions (RQs), testable propositions (Ps), and indicative methods/metrics to support replication and comparative work[17].

7.1 Backlog Quality, Requirements Engineering, and DoR Compliance
RQs. How does GenAI-assisted user-story drafting affect clarity, acceptance-criteria completeness, and spillover? Under what governance does quality persist across sprints?
Ps.
P1: Teams using GenAI for story drafting achieve higher Definition-of-Ready (DoR) pass rates and lower story spillover than matched controls.
Methods/metrics. Quasi-experiments or AB/BA crossover; DoR pass rate, story rework %, spillover rate, time-to-DoR, reviewer edits per story[18].   
To better conceptualise the dynamics of collaboration between human teams and Generative AI in Agile environments, Figure 1 presents a framework that outlines how iterative interaction, ethical governance, and shared accountability form the foundation of AI-augmented Agile ecosystems. This model visualises the flow of information and feedback between human inputs, AI processing, and human evaluation, demonstrating how continuous learning sustains responsible and adaptive project management.
[image: ]


Figure 1. Framework for Human–AI Collaboration in Agile Project Management. This conceptual framework illustrates the cyclical interaction between humans and Generative AI within Agile Project Management. The model comprises three layers—Input, AI Processing, and Human Evaluation—connected by iterative feedback loops that enable continuous learning and adaptation. Surrounding principles such as trust calibration, ethical oversight, shared accountability, transparency, and iterative learning emphasise the socio-technical balance required for effective AI–human collaboration.
7.2 Estimation Accuracy and Planning Reliability
RQs. Can GenAI reduce anchoring and variance in effort estimation? What prompts/context improve calibration?
Ps.
· P2: GenAI-supported estimates reduce absolute percentage error (APE) versus historical actuals without increasing planning overhead.
Methods/metrics. Randomized sprint-level trials; APE, estimation variance, planning time, plan reliability (committed vs. completed).
7.3 Code & Test Generation: Throughput, Quality, and Safety
RQs. What is the net effect of GenAI on throughput, defect profiles, and security posture after human review?
Ps.
· P3: GenAI-assisted test generation increases statement/branch/MCDC coverage without increasing escaped defects when paired with SAST/DAST gates.
Methods/metrics. Interrupted time series; coverage metrics, defect density, escaped defects, code-review latency, vulnerability counts (SAST/DAST), SBOM policy violations[19].

7.4 Human–AI Teaming and Decision Quality
RQs. When is GenAI best positioned as advisor vs. co-author vs. autonomous agent? How does responsible-AI training moderate over-reliance?
Ps.
· P4: Teams trained in AI literacy maintain higher decision quality and lower over-reliance than untrained teams at equal GenAI adoption levels.
Methods/metrics. Field experiments; decision-audit scores, escalation rates, correction-of-error events, NASA-TLX/mental workload, trust-calibration indices[20].

7.5 Agile Ceremonies and Collaboration Dynamics
RQs. How do GenAI summaries and action extraction affect stand-ups, retrospectives, and cross-team coordination?
Ps.
· P5: GenAI-enabled meeting summarization reduces meeting duration while preserving action completeness and accuracy.
Methods/metrics. Mixed methods; meeting length, action-item recall/precision, lead time to action closure, qualitative discourse analysis[21].
7.6 Risk Sensing, Dependency Management, and Predictive Governance
RQs. Can GenAI preemptively surface cross-team risks and dependencies with actionable precision?
Ps.
· P6: GenAI-based risk sensing increases early risk detection rate and reduces unplanned work compared to baseline heuristics.
Methods/metrics. Cohort comparisons; true-positive rate of risks, time-to-detection, unplanned work %, blocked-ticket duration[22].
7.7 Data Governance, Privacy, and Compliance-by-Design
RQs. Which policies (RAG on approved corpora, red-teaming, audit trails) effectively mitigate leakage, bias, and license contamination?
Ps.
· P7: Enforced governance (approved models, private RAG, review gates) reduces security/licensing incidents without diminishing delivery velocity.
Methods/metrics. Policy rollouts with pre/post analysis; incident rates, model-usage compliance, velocity, developer sentiment.
7.8 Measurement Models and Business Value Realization
RQs. What KPI bundles validly capture GenAI value across product, engineering, and PMO perspectives?
Ps.
· P8: Balanced KPI sets (delivery, quality, customer impact) better predict business outcomes than single-metric (velocity-only) dashboards.
Methods/metrics. Multivariate modeling; velocity, cycle/lead time, NPS/CSAT, ARR impact proxies, experimentation throughput, cost-to-deliver.
7.9 Adoption Pathways and Organizational Change
RQs. Which adoption strategies (pilot-then-scale, center-of-excellence, federated enablement) yield sustainable, safe uptake?
Ps.
· P9: Teams adopting a staged maturity model (pilot → guardrailed scale) achieve higher sustained ROI and lower incident rates than ad-hoc adopters.
Methods/metrics. Comparative case studies; adoption curve, ROI, incident and rollback rates, enablement hours, retention/engagement.
7.10 Domain-Specific Contexts and Regulated Industries
RQs. How do requirements differ in safety-critical and regulated settings (health, finance, public sector)?
Ps.
· P10: In regulated domains, GenAI benefits materialize only when paired with documentation/traceability enhancements.
Methods/metrics. Cross-domain studies; audit readiness, traceability scores, compliance findings, release frequency.
7.11 Longitudinal Effects and Model Drift
RQs. What are the long-run impacts of GenAI on technical debt, knowledge rot, and model drift?
Ps.
· P11: Without periodic prompt/library upkeep and dataset refresh, performance gains decay over ≥6 months due to drift and process misalignment.
Methods/metrics. Longitudinal panels; debt indices, refactor frequency, prompt/library versioning, performance decay curves.
7.12 Replicability Resources and Open Benchmarks
RQs. What artifacts enable comparable studies across teams?
Actionable agenda. Release anonymized prompts, redacted tickets, evaluation scripts, and a minimal Agile-GenAI benchmark (e.g., backlog refinement tasks with gold standards) to accelerate replication.
Summary. Advancing the field requires moving from promising narratives to theory-informed, metrics-grounded studies with clear governance contexts. The propositions above, coupled with transparent datasets and designs, can seed a cumulative evidence base for responsible, high-impact GenAI adoption in Agile project management. 
8. Discussion
This review integrates emerging knowledge on how Generative AI (GenAI) augments Agile Project Management (APM) across requirements, planning, development, testing, and retrospectives. The GenAI–Agile Alignment Matrix (Table 1) consolidates scattered practices into a tractable framework, while the evidence map (Table 2) clarifies where claims rest on preliminary signals versus replicated findings. Together, these contributions move the discourse beyond tool anecdotes toward concept-centric, measurable interventions[2]. 
8.1 Scholarly and Practical Implications
For scholars, the alignment matrix and graded evidence support theory building around human–AI teaming, governance mechanisms, and agility outcomes. For practitioners, the framework highlights near-term pilot zones (e.g., backlog refinement, test generation, meeting summarization) and the safeguards—data governance, review gates, licensing checks—needed to translate speed into reliable value.
8.2 Limitations and Threats to Validity
This is a narrative (interpretive) review, prioritizing conceptual coverage over exhaustiveness. Three limitations follow:
1. Selection and publication bias. Purposive, iterative searches may over-represent visible venues and positive results. Mitigation included triangulation across disciplines and explicit weighting of claims (illustrative/indicative/substantive), but bias cannot be eliminated.
2. Evidence maturity and generalizability. Many reports are early stage or context-specific; effect sizes may vary by domain, team maturity, and governance posture. Readers should interpret velocity, quality, or risk metrics with local constraints in mind.
3. Pace of change. Rapid model/tool evolution can outdate specific practices. We emphasized durable mechanisms (e.g., human-in-the-loop reviews, SBOM/license checks, private RAG) to preserve relevance despite tooling churn.
These constraints underscore the need for replicable study designs, shared artifacts (prompts, redacted tickets), and longitudinal evaluations that track drift, technical debt, and process alignment over time.
8.3 Future Work (Brief)
Building on Tables 1–2, we proposed testable propositions spanning backlog quality, estimation, code/test generation, teaming, governance, and value realization. Multi-site field studies with common KPIs (velocity, lead/cycle time, coverage, escaped defects, estimation error) and transparent governance descriptors will be pivotal for cumulative evidence[23].
9. Conclusion
This review has investigated the convergence of Generative Artificial Intelligence (GenAI) with Agile Project Management (APM), analysing the opportunities, challenges, and nascent research trajectories that characterise this developing domain. The incorporation of GenAI within Agile methodologies possesses significant disruptive potential, providing novel approaches to improve decision-making, automate redundant work, and promote ongoing learning and creativity within project teams. Organisations may enhance efficiency, scalability, and responsiveness—fundamental characteristics of agility in the digital age—by utilising GenAI. 

This change presents significant problems concerning ethics, reliability, data protection, and system integration. Recognising the advantages of AI-enhanced agility necessitates meticulous governance, clear design, and empirical research to guarantee that human oversight and organisational values remain crucial to the process.
Agile organisations are set to progress beyond mere flexibility, adopting a generative paradigm in which human creativity and AI intelligence cohabit symbiotically. Future Agile ecosystems will be iterative, adaptive, and generative—able to learn, reason, and co-create in ways that redefine teamwork, creativity, and project success.
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