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Abstract
The study aims to develop innovative approaches to reduce road accident fatalities in southern Nigeria using statistical analysis and predictive models. Road transportation is one of the fundamental and most flexible forms of human and commodity movement from one place to another, not only serves as a source of revenue for government and individuals but also as a source of economic development for a country if managed well, however, can serve as a negative impact to the country if mismanaged. The methodology used for this research includes 60 years of classified (1960-2021) data collection from the Federal Road Safety Corps (FRSC) and the National Bureau of Statistics (NBS) of road transport accident cases, model development using regression techniques and analyzed using SPSS version 25.0, afterwards, some proposed solutions for the observed causes of the road accident was established. From the results obtained, the data indicates that 2011 was the most severe year for road accidents in Nigeria, with the highest recorded number of casualties at 47,219, accounting for 41.8% of total cases. In contrast, 1961 had the lowest number of fatal cases at 193, making up only 1.21% of the total cases, highlighting a relatively lower impact on fatalities that year. The models demonstrate a high degree of fit, with correlation values reaching 97.2% for injured persons and 91.9% for people involved. The findings emphasize the importance of targeted interventions, such as stricter traffic law enforcement and infrastructure improvements, which are crucial for reducing road accidents in southern Nigeria. The strategic recommendations proposed in this study are essential for enhancing road safety and minimizing the socio-economic impacts of road accidents.
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1. Introduction
Although there are various means of transportation, transportation of humans and commodities by road is one of the most flexible means of transportation, in the sense it brings about door-to-door destinations [1-4]. Transportation is a vital aspect of human mobility, enabling people to move from one location to another for work, leisure, and other purposes. The most frequently used means of transportation globally include road transport (cars, buses, motorcycles), air transport (aeroplanes), rail transport (trains), and sea transport (ships, ferries) [5-6]. Among these, road transport is the most commonly used due to its flexibility, availability, and affordability[7].
In Africa such as Nigeria, road transport dominates as the most frequently used means of transportation [8]. This is because roads connect rural and urban areas more effectively, and vehicles like buses, motorcycles (commonly known as "okadas" in Nigeria), and cars are relatively affordable for the population [9-10]. Additionally, road transport offers more accessibility in areas where other forms of transport infrastructure are lacking. Buses and minibuses (known as "danfos" in Nigeria) are essential for everyday commuting due to their affordability, while motorcycles serve as a convenient alternative for shorter trips, especially in congested areas [10-13].
In terms of revenue generated from transportation in Africa, road transport contributes the most, accounting for approximately 65-70% of transportation annual revenue, followed by air transport at around 15-20%, rail transport at about 5-10%, and sea transport at 3-5% [14-16]. The dominance of road transport in revenue generation is due to its widespread use and the fact that many businesses rely on trucks and buses to transport goods and people across regions [17-18]. Air transport, although used for international travel and certain domestic routes, is less accessible to the majority of the population due to high costs, limiting its revenue generation compared to road transport [19-20].
The underdevelopment of transportation infrastructure in Africa specifically Nigeria, compared to developed countries, is primarily due to several factors. First, there is insufficient investment in transportation infrastructure, including roads, railways, and airports [21]. Many roads are poorly maintained, and there is a lack of modern rail systems, which are crucial for efficient mass transit. Second, political instability and corruption have hindered large-scale development projects. Third, economic challenges make it difficult for governments and private entities to invest in high-cost transportation infrastructure [22-23]. An  accident  is  any  occurrence  that  leads  to damage,   injury,   or   harm   to   entities   (people, property,  and  the  environment).  One  major  type of  accident  is  a  road  traffic  accident.  A  Road Traffic  Accident  is  any  mishap  that  takes place  on  the  highway  resulting  in  injuries  and/or death [61,63].  In  addition,  a  road  traffic  accident  is observed  as  any  incidence  involving  a  motor vehicle or a motorcyclist on a road open to public or  private  traffic  leading  to  the  loss  of  precious life,  injury,  and  /or  damage  to  property [62,64].  Additionally, urban planning and regulation enforcement are often inadequate, resulting in congestion and inefficiencies in the transport system, all these negative factors contribute to the human mentality while driving and environmental conditions such as road that brings about road accidents, Figure 1 presents the major courses of road accident [24].

Fig 1: Major causes of road accident

As presented in Figure 1 each category represents critical areas that contribute to road safety risks, which if not managed bring about a high rate of fatality, loss of property, decline in generated revenue and many others. According to World Health Organization (WHO) Global Status Report on Road Safety [24-28] the annual road traffic deaths have decreased slightly to 1.19 million, indicating that efforts to improve road safety are making an impact. However, road traffic injuries remain the leading cause of death among children and young people aged 5-29. More than half of these fatalities involve pedestrians, cyclists, and motorcyclists, especially in low- and middle-income countries [29-35]. While progress has been made, urgent action is needed to meet the global goal of halving road traffic deaths and injuries by 2030, however to cub this menace, the UN and organizations under road safety laid out five support points which will help to direct and guide the national road safety exercises and plans as presented in Figure 2 [36-38]. 

                          Fig 2: The five strategic backbones for road accident reduction.

As a result, while developed countries have advanced transportation systems that include high-speed trains, efficient public transit networks, and well-maintained roads, incorporating some strategic means to manage their transportation systems such as presented in Figure 2, African countries such as Nigeria lag behind due to these economic, political, and structural challenges [39-42]. Improving the transportation sector in Nigeria would require significant investment in infrastructure, better governance, and strategic urban planning to support population growth and economic development [43-44]. 
Some exceptional research has been done to develop and suggest some effective means of road transportation to reduce the impact of road accidents such as Siyan et al., [45] researched empirical analyses of road accidents and prevention strategies in Nigeria, using data from the Federal Road Safety Corps spanning 1960-2017. The Augmented Dickey-Fuller (ADF) test was employed to check for stationarity, and Johansen’s co-integration methodology was applied. From the result obtained a unit increase in fatal cases leads to a 2.03-unit rise in total casualties, while severe cases result in a 3.65-unit rise. Minor cases, however, result in a 1.61-unit decrease in total casualties. The results indicate a long-run equilibrium relationship between accident casualties and fatal and minor cases. Positive correlations were found between fatal and severe cases with total casualties, showing significant statistical relevance. Conversely, minor cases had a negative yet significant impact on total casualties. The study recommends government investment in infrastructure and enforcement of speed limits to curb accidents [46-48].
 
Elvik, R. [49] reviews experimental evaluations of 24 road safety measures, finding that most experiments report no significant impact on accidents. From his research finding, out of 58 effect estimates from 54 randomized controlled trials, 84% (49 estimates) had confidence intervals that included both positive and negative effects, indicating uncertainty around the impact of road safety measures. Also, only 8 of 24 road safety measures were evaluated in more than one randomized controlled trial, highlighting the rarity of replicated experiments [50-51]. The limited number of experiments and their replication may be influenced by a preference for positive results over rigorous, possibly negative, findings [52-53].

Alver and Katanalp [54] introduced an integrated analytical hierarchical process-fuzzy logic (AHP-FL) approach to address this complex decision-making problem, aiming for a vision zero target. The methodology combines machine learning and statistical analysis, using data from three semicontrolled pedestrian crossings and AHP questionnaires across different age groups and driving habits. The best model achieved 0.79 R2 and 25.19% MAPE, highlighting vehicle speed and item carriage as key factors. The approach effectively addresses pedestrian gap acceptance, with higher prediction errors in elderly pedestrians [55-56].

Although from the research findings, various factors contributing to road accidents in Nigeria, including human, mechanical, and environmental factors, have been reviewed [57-58]. Also, the review explored global road safety approaches and theories, such as engineering and behavioural theories, and the impact of road characteristics like curvature and intersections on accident rates [59-60]. The review emphasizes the significant role of road safety management, road safety audits, and black spot management in reducing accidents [19,56]. Additionally, it discusses the socio-economic costs of road accidents and the role of international organizations like the WHO and the UN in promoting road safety [24,28, 36].

However, lack of detailed and comprehensive data on road accidents in Nigeria is yet to be identified. This gap limits the ability to analyze the causes and trends of road accidents over time. This research addresses this gap by applying a regression-based modelling approach to the collected data, which includes factors such as human, mechanical, environmental, and other influences on road accident cases, the number of injured persons, deaths, and the number of people involved. The models aim to predict and analyze the impact of these factors on road safety in the southern state of Nigeria.
2. Materials and Methods
2.1 Materials
The materials used to carry out the research is presented in Table 1.
Table 1: Materials for the research
	S/N
	Item
	Description

	1
	Questionnaire Forms
	Physical paper-based forms and electronic forms were used to collect responses from participants.

	2
	Pens and Pencils
	Writing instruments used for completing paper-based questionnaires.

	3
	Electronic Devices
	Phones and other devices were used for conducting electronic surveys.

	4
	Interview Guide or Protocol
	A physical document containing a structured list of questions or topics for guiding the interviews.

	5
	Recording Devices
	Audio recorders and video cameras were used to capture interviews for later analysis.

	6
	Note-taking Materials
	Notebooks or electronic devices were used by interviewers to take notes during the interviews.

	7
	Recruitment Documents
	Documents were used to recruit participants for the study.

	8
	Informed Consent Forms
	Oral consent forms were used to obtain participants' consent to partake in the study.

	9
	Data Analysis Software
	Tools such as Excel for data visualization and quantitative analysis.

	10
	Internet Research
	Online research was conducted to gather information and data relevant to the study

	11
	Geographic Information System (GIS)
	To map accident-prone areas and visualize the spatial distribution of road accidents.



2.2 Methods
Figure 3 illustrates the process flow chart of the research methodology.
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          Fig 3: The Methodology Steps
2.2.1 Data Collection: The research uses secondary data collected from the Federal Road Safety Corps (FRSC) and the National Bureau of Statistics (NBS). The data includes road accident cases, the number of people involved, deaths, and injuries over 60 years (1960-2021) in the southern state of Nigeria.
2.2.2 Classification of Accident Causes: The study categorizes road accidents into three primary causes: human factors (e.g., speeding, driving under the influence, fatigue), mechanical factors (e.g., vehicle deficiencies like brake failure, tyre burst) and environmental factors (e.g., bad roads, poor weather) [12,43].
2.2.3 Statistical Analysis: The collected data is analyzed using statistical methods such as normal Gaussian classifiers, analysis of variance (ANOVA), least significant difference tests, and Duncan multiple range tests. Data is coded in Excel and analyzed with statistical software [22.45].
2.2.4 Model Development: The research uses regression techniques to develop models for predicting road accidents, number of deaths, injuries, and people involved, based on the identified accident factors [17,37]. Equations are developed to express relationships between road accidents and the factors influencing them.
The variable for the study is captured in model functional forms as follows;
Model 1 = Modelling of road accident cases (RAC) on factors that causes accidents
                                    RAC = f(HF, EF, MF, OF)                                                                            (1)
                          RAC = a0 + a1HF + a2EF + a3MF + a4OF + ϵ                                                     (2)                     
Model 2 = Modelling of Number of Injured Persons (NIP) on factors causes of accidents
                                         NIP = f(HF, EF, MF, OF)                                                                     (3)
                                 NIP = b0 + b1HF + b2EF + b3MF + b4OF + ϵ                                                 (4)                                                           
Model 3 = Modelling of Number of Death (NOD) on factors causes of accidents
                                           NOD = f(HF, EF, MF, OF)                                                                 (5)
                                    NOD = c0  + c1HF + c2EF + c3MF + c4OF + ϵ                                                        (6)
Model 4 = Modelling of Number of persons involved (NPI) on factors causes of accidents
                                              NPI = f(HF, EF, MF, OF)                                                                (9)
                                       NPI = d0 + d1HF + d2EF + d3MF + d4OF + ϵ                                           (8)                                                          
Where:
Dependent Variables: RAC: Road Accident Cases, NIP: Number of Injured Persons, NOD: Number of Deaths and NPI: Number of People Involved
Independent Variables: HF: Human Factors (e.g., SPV - Speed Violation, OVL - Overloading), EF: Environmental Factors (e.g., PWR - Poor Weather, BRD - Bad Road), MF: Mechanical Factors (e.g., MDV - Mechanically Deficient Vehicle, TBT - Tyre Burst), OF: Other Factors and ϵ: Error term representing unexplained variability.

The data used for the model is the accident issues from 2015 – 2020 as presented in Table 2. 
Table 2: Applied Data for the modelling 
	Year
	Road accident cases
	No. of injured persons
	No. of Deaths
	No. of people involved
	Human factor
	Environment factor
	Mechanical factor
	Other factor

	2015
	46
	168
	36
	224
	34
	4
	27
	1

	2016
	32
	113
	31
	239
	20
	3
	35
	3

	2017
	34
	139
	31
	258
	27
	5
	36
	3

	2018
	31
	119
	31
	286
	52
	3
	34
	5

	2019
	42
	118
	21
	324
	39
	2
	34
	5

	2020
	43
	96
	23
	262
	40
	0
	47
	4



The data for the model was simulated and the model was developed using regression technique with the help of statistical package SPSS version 25.0 The developed models are simulated using regression techniques to validate the relationships between road accident cases and their causes.

2.2.5 Recommendations: Based on the findings, the research proposes strategies for reducing road accidents in Delta State, including improvements in road safety management, public awareness campaigns, and stricter enforcement of traffic laws [24-27].

3. Result and Discussion
3.1 Data Presentation
This section presents the data collection on road accidents and safety studies in Nigeria using the rate of road accidents in southern states.
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Fig 4:  Combined cases recorded from road accidents in Nigeria.
As presented in Figure 4, the trends in road accident cases in Nigeria from 1960 to 2021 reveal that peaks in fatal accidents during the 1990s and early 2000s were likely due to rapid urbanization and poor road conditions, with a decline from the mid-2000s attributed to better safety measures. Serious accidents fluctuated, peaking in the late 1970s and early 1980s, reflecting inadequate road maintenance, while a decrease in the late 2000s suggests improved vehicle safety and road conditions. Minor accidents showed an unpredictable trend, with a decline after 1995 possibly due to better traffic management. The overall instability in total road accidents, with a peak in the late 1970s, underscores the need for sustained road safety efforts, this result agrees with the results from the research by Cicek and Ozturk [41], on predicting fatal traffic accidents in Eskisehir, Turkey using one-class SVMs, thereby the model applied on the data collected which shows fatal, serious, and minor cases equal and the trends are below the total case trend, had 95% goodness of fit. The prominence of serious cases highlights the importance of targeted interventions like advanced driver training and improved road design to prevent severe accidents. Continuous investment in infrastructure, law enforcement, and public awareness is crucial to maintaining lower accident rates [1,24,27].
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Fig 5: Combined Causality recorded from road accidents in Nigeria.

As presented in Figure 5, the number of deaths from road accidents showed an increasing trend from the 1960s to the early 1980s, with peaks in 1980, 1990, 2000, and 2020, reflecting the unpredictable and alarming nature of road fatalities. Injuries also followed an erratic pattern, with significant peaks in 1975, 1985, 2015, and 2021, indicating periods of heightened road accident severity. Total casualties (deaths and injuries combined) exhibited stochastic trends, with the highest levels between 1975 and 1992, and dense records from 2010 to 2015, followed by another spike in 2019. The result agrees with the research result conducted by Katanalp et al., [14] thereby they integrated solutions using a GIS-based multicriteria decision approach to identify pedestrian-vehicle accident-prone locations. These trends suggest that road safety efforts have been inconsistent, with various factors such as economic conditions, enforcement of traffic laws, and road infrastructure impacting the fluctuations, underscoring the need for sustained and targeted interventions [8,26, 52].
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Fig 6:  Combined total cases and causality recorded from road accidents in Nigeria.

The result in Figure 6 reveals the combined trend of total cases and causality of road accidents recorded between 1960 till 2021. The trend shows that there is general fluctuations in both total accident cases and the total causality reported based on the data availability from 1960 to 2021. From the trend, it is very evident that there were more causalities than compared to the total cases of road accidents in Nigeria with the highest records of causality between 2010 and 2018. The implication of this result indicates the mode of catching road accidents are not efficient enough for the fact that some casualties are not recorded as the case in the database of the road safety authorities. The result from this segment was also observed by Thapa et al., [60] on Advancing proactive crash prediction, which is a discretized duration approach for predicting crashes and severity, calling for the application of artifical intelligence or smart technologies to capture real-time accidents for effective and overall cases [52,56-57].

3.2 Model Result
The study aimed to examine the relationship between road accident cases (RAC), the number of injured persons (NIP), the number of deaths (NOD), and the number of people involved (NPI) with various influencing factors such as human, environmental, mechanical, and other factors. By applying regression techniques, the research sought to quantify the impact of these factors on road accident outcomes in the southern state of Nigeria. The following results presented in Table 3 - 6 present the coefficients and significance levels for each model, highlighting the contributions of each factor to the dependent variables, which helps to understand the extent to which these factors drive road accidents and related casualties in the region.

Table 3: Model on road accident cases (RAC)
	Model Predictors
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	Constant
	65.407
	49.062
	
	1.333
	.410

	Human
	.144
	.481
	.250
	.300
	.814

	Environment
	-3.276
	3.773
	-.879
	-.868
	.545

	Mechanical
	-.330
	.995
	-.333
	-.332
	.796

	Other
	-3.286
	3.696
	-.776
	-.889
	.537

	Developed Model 1: RAC= 0.25HF – 0.879EF – 0.333MF – 0.776OF      



As presented in in Table 3, the road accident cases on factors causes of accidents estimate based on standardized coefficients revealed that human factors contributed positively to the cause of accidents by 25.0%. Environmental factor, mechanical and others contributed negatively to accident occurrence in southern state in Nigeria by 87.9%, 33.3% and 77.6% respectively.

Table 4: Model on number of injured (NIP) persons
	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	Constant
	163.096
	71.974
	
	2.266
	.265

	Human
	.763
	.705
	.340
	1.082
	.475

	Environment
	5.165
	5.536
	.356
	.933
	.522

	Mechanical
	-1.218
	1.460
	-.316
	-.834
	.557

	Other
	-10.275
	5.423
	-.624
	-1.895
	.309

	Developed Model 2: NIP= 0.34HF + 0.356EF – 0.316MF – 0.624OF



As presented in Table 4, the number of injured person(s) on factors causes of accidents estimated based on standardized coefficients revealed that environmental and human factors contributed positively to the number of injured person(s) by 34.0% and 35.6%. Mechanical and others contributed negatively to accident occurrence by 31.6% and 62.4% respectively. In addition, none of the factors drives road accidents in southern states in Nigeria because the factors are not statistically significant at 5% level as the sig.>0.05.

Table 5: Model on number of deaths (NOD).
	Model
	Unstandardized Coefficients
	Standardized Coefficients
	T
	Sig.

	
	B
	Std. Error
	Beta
	
	

	Constant
	163.096
	71.974
	
	2.266
	.265

	Human
	.763
	.705
	.340
	1.082
	.475

	Environment
	5.165
	5.536
	.356
	.933
	.522

	Mechanical
	-1.218
	1.460
	-.316
	-.834
	.557

	Other
	-10.275
	5.423
	-.624
	-1.895
	.309

	Developed Model 3: NOD = 0.319HF + 0.572EF + 0.024MF – 0.64OF



As presented in in Table 5, the factors that cause of number of deaths in road accidents estimated based on standardized coefficients revealed that human, environmental and mechanical factors contributed positively to the number of deaths by 31.9%, 57.2% and 2.4%. Other factors cause road accidents resulting in a number of deaths accounting negatively to accident occurrence by 64%. In addition, none of the factors drives road accidents in the southern state of Nigeria because the factors are not statistically significant at the 5% level as the sig.>0.05.

Table 6: Model on number of people involved (NPI)
	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	Constant
	268.195
	170.544
	
	1.573
	.361

	Human
	-.155
	1.671
	-.049
	-.093
	.941

	Environment
	-2.601
	13.117
	-.126
	-.198
	.875

	Mechanical
	-2.068
	3.458
	-.376
	-.598
	.657

	Other
	23.876
	12.849
	1.017
	1.858
	.314

	Developed Model 4: NPI = –0.049HF – 0.126EF – 0.376MF + 1.017OF



As presented in Table 6, the factors caused by the number of persons involved in road accidents estimated based on Standardized Coefficients revealed that other factors contributed positively to the number of persons by 101.7%. Human, environmental and Mechanical factors cause road accidents resulting in the Number of people involved accounting negatively to accident occurrence by 4.9%, 12.6% and 37.6% respectively. In addition, none of the factors drives road accidents in southern states of Nigeria because the factors are not statistically significant at the 5% level as the sig.>0.05.

Table 7: Models Regression Parameters
	Dependent variables
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate
	F Change
	Sig. F
	Sig.<0.05
At 5%

	 RAC
	0.779
	0.607
	-9.67
	9.00
	0.385
	0.817
	Not Sig.

	NIP
	0.972
	0.44
	0.720
	13.21
	4.213
	0.344
	Not Sig.

	NOD
	0.896
	0.803
	0.014
	5.63
	1.018
	0.622
	Not Sig.

	NPI
	0.919
	0.845
	0.227
	31.29
	1.367
	0.559
	Not Sig.



As presented in Table 7, the models of road accident cases are highly fitted at 77.9%, number of Injured Persons (97.2%), Number of Deaths (89.6%) and Number of persons involved (91.9%). The correlation of the models of road accident cases with factor cause indicated 60.7%, number of Injured Persons (44%), Number of Deaths (80.3%) and Number of persons involved (84.5%) respectively. The factor causes (human, environmental, mechanical and other factors) explained road accident cases is by 22.77% negatively, number of Injured Persons (72%), Number of Deaths (1.4%) and Number of persons involved (91.9%) in road accidents in in southern state in Nigeria.

3.3 Proposed Solutions for the causes of road accident in Nigeria 
To effectively address the prevalent causes of road accidents in Nigeria, it is crucial to implement targeted strategies that mitigate these risks. Table 8 outlines key causes of road accidents and proposes actionable solutions designed to enhance road safety, reduce fatalities, and promote responsible driving behaviour. These recommendations aim to create a safer transportation environment across the country.

Table 8: Proposed solutions for the road accident causes in Nigeria
	S/N
	Causes of Road Accidents in Nigeria
	Proposed Solutions

	1
	Speed Violation (SPV)
	Implement strict speed limits with automated enforcement systems such as speed cameras. Increase public awareness campaigns on the dangers of speeding.

	2
	Driving Under Influence (Alcohol/Drugs)
	Enforce stringent penalties for driving under the influence, increase random breathalyzer checks, and promote education on the risks associated with DUI.

	3
	Fatigue (FTQ)
	Establish mandatory rest periods for commercial drivers, especially truck drivers. Encourage the use of fatigue monitoring systems in commercial vehicles.

	4
	Use of Phone While Driving (UPWD)
	Ban the use of mobile phones while driving through legislation and ensure strict enforcement. Introduce hands-free technology and driver-assist systems.

	5
	Overloading (OVL)
	Implement strict weight checks at checkpoints and enforce penalties for overloading. Raise awareness about the dangers of overloading among drivers and operators.

	6
	Dangerous Driving (DGD)
	Increase law enforcement presence on roads, enforce harsher penalties for dangerous driving, and incorporate advanced driver assistance systems in vehicles.

	7
	Poor Road Conditions (BRD)
	Invest in infrastructure improvements, including regular road maintenance, pothole repairs, and the construction of bypasses to reduce traffic congestion.

	8
	Mechanically Deficient Vehicles (MDV)
	Establish mandatory regular vehicle inspections and enforce compliance. Encourage the use of modern, well-maintained vehicles through subsidies and incentives.

	9
	Tyre Burst (TBT)
	Mandate regular tyre inspections and ensure the use of high-quality tyres. Raise awareness among drivers about the importance of tyre maintenance and checks.

	10
	Poor Weather Conditions (PWR)
	Enhance road design to include proper drainage and signage, develop weather-responsive traffic management systems, and provide timely weather updates to drivers.


These strategic recommendations aim to mitigate each identified cause of road accidents, contributing to a safer road transport system in Nigeria.

4. Conclusion 
The research effectively addresses the significant gap in detailed and comprehensive data on road accidents in Nigeria, particularly before 2016, which has previously hindered the ability to analyze accident trends and causes over time. By applying regression-based modelling to extensive data from 1960 to 2021, this study evaluates the impact of various factors (human, mechanical, environmental, and others) on road accident outcomes, including the number of cases, injuries, deaths, and people involved. The models demonstrate a high degree of fit, with correlation values reaching 97.2% for injured persons and 91.9% for people involved. The findings emphasize the importance of targeted interventions, such as stricter traffic law enforcement and infrastructure improvements, which are crucial for reducing road accidents in southern Nigeria. The strategic recommendations proposed in this study are essential for enhancing road safety and minimizing the socio-economic impacts of road accidents.
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5 Strategic Backbone

Safer Road Users 
Safer Mobility and Road


Post accident Management

Safer Vehicle
Safer Road User



Causes of road accident


Human


Mechanical/Vehicle


Environmental


i) Driving under the influence of alcohol/dugs ii)Fatique iii)Poor vision iv)Overspeeding, dangerous driving, disrespect of traffic regulation v)Lack of proper training of drivers v)Overloading of vehicle vi)Impatience and negligence



i. Brake failure
ii. Engine failure
iii. Burst tyres
iv. Use of fake spare parts
v. Defective and dazzling light
vi. Poor maintanance of vehicle


i. Bad roads
ii. Weather condition
iii. Dangerous bend
iv. Broken down/Abandon vehicles
v. Animals not under control
vi. Obstruction on the road
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